





Memorandum of Understanding; referring a pattern or practice of discrimination to
the U.S. Department of Justice; or entering into a public enforcement action. The
Agencies have already provided clear guidance (e.g., the Uniform Consumer
Compliance Rating System) that financial institutions must appropriately identify,
monitor, and address compliance risks, and the Agencies should not hesitate to act
within the scope of their authority.

o Moreover, any new policies or initiatives related to Al should clearly state that the
Agencies will hold financial institutions accountable for Compliance Management
System weaknesses or violations of law.

o When possible, the Agencies should explain to the public the risks that they have
observed and the actions taken in order to bolster the public’s trust in robust
oversight, and provide clear examples to guide the industry.

e Actionable Policies: Existing civil rights laws and policies provide a framework for the

Agencies to analyze fair lending risk in Al and to engage in supervisory or enforcement
actions, where appropriate. That said, the Agencies can be more effective in ensuring
consistent and effective compliance by setting clear and robust regulatory expectations
regarding testing and ensuring models are non-discriminatory and equitable. The
Agencies have been in learning mode for some time, which may have put the U.S. behind
in advancing non-discriminatory and equitable technology in financial services. To retain
our competitive edge in the global society, the U.S. federal financial regulators should
move quickly to issue actionable policy statements that clearly state their commitment to
consumer protection and civil rights laws, including fair lending laws; insight into their
supervisory expectations and methods; and useful guardrails and best practices. The time
to act is now as the use of Al proliferates in every aspect of consumer financial services
and has the potential for far-reaching adverse impacts for consumers of color and other
protected groups. More specifically, the Agencies can be more effective in ensuring
robust and consistent compliance by moving quickly to issue a clear policy statement on
Al that:

[—

Defines “model risk” to include the risk of discriminatory or inequitable outcomes;

2. Describes the risks that financial institutions should be aware of and control for;

3. Sets clear standards for a financial institution’s fair lending risk assessments,

including:

a. Discrimination testing and evaluation throughout the AI/ML model's conception,
design, implementation, and use; and

b. Information that must be detailed in the documentation of the financial
institution’s fair lending risk assessment, including:

(i)  What testing has been conducted and less discriminatory alternatives have
been considered;

(ii) In-depth information regarding the data that was used to train the model,
measures taken to ensure the data was representative and accurate, and the
attributes used in the model and its target outcomes; and

(iii) Documentation on adverse action notices detailing the mechanism by which
the adverse action notices are created and showing that the mechanism
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monitor, and address compliance risks, and the Agencies should not hesitate to act
within the scope of their authority.

o Moreover, any new policies or initiatives related to Al should clearly state that the
Agencies will hold financial institutions accountable for Compliance Management
System weaknesses or violations of law.

o When possible, the Agencies should explain to the public the risks that they have
observed and the actions taken in order to bolster the public’s trust in robust oversight
and provide clear examples to guide the industry.

e Actionable Policies: Existing civil rights laws and policies provide a framework for the
Agencies to analyze fair lending risk in Al and to engage in supervisory or enforcement
actions, where appropriate. That said, the Agencies can be more effective in ensuring
consistent and effective compliance by setting clear and robust regulatory expectations
regarding testing and ensuring models are non-discriminatory and equitable. The
Agencies have been in learning mode for some time, which may have put the U.S. behind
in advancing non-discriminatory and equitable technology in financial services. To retain
our competitive edge in the global society, the U.S. federal financial regulators should
move quickly to issue actionable policy statements that clearly state their commitment to
consumer protection and civil rights laws, including fair lending laws; insight into their
supervisory expectations and methods; and useful guardrails and best practices. The time
to act is now as the use of Al proliferates in every aspect of consumer financial services
and has the potential for far-reaching adverse impacts for consumers of color and other
protected groups. More specifically, the Agencies can be more effective in ensuring
robust and consistent compliance by moving quickly to issue a clear policy statement on
Al that:

[—

Defines “model risk” to include the risk of discriminatory or inequitable outcomes;

2. Describes the risks that financial institutions should be aware of and control for;

Sets clear standards for a financial institution’s fair lending risk assessments,

including:

a. Discrimination testing and evaluation throughout the AI/ML model's conception,
design, implementation, and use; and

b. Information that must be detailed in the documentation of the financial
institution’s fair lending risk assessment, including:

(i)  What testing has been conducted and less discriminatory alternatives have
been considered;

(ii) In-depth information regarding the data that was used to train the model,
measures taken to ensure the data was representative and accurate, and the
attributes used in the model and its target outcomes; and

(iii) Documentation on adverse action notices detailing the mechanism by which
the adverse action notices are created and showing that the mechanism
provides adverse action notices that reliably produce consistent and specific
reasons that consumers can understand and respond to, as appropriate;
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production environment is coming from a population that may be different from that
which generated the training and test data.

Recommendations
Accordingly, our organizations recommend the following:
e Policy Statement regarding Overfitting: The Agencies should evaluate the available risk
mitigation techniques and then issue a joint policy statement explaining the risks of

overfitting, the Agencies’ supervisory expectations, and best practices for risk mitigation
techniques.

e Public Research: The Agencies should encourage public research on the risks of
overfitting and the evaluation of potential risk mitigation techniques.

D. Dynamic Updating

8. How do financial institutions manage Al risks relating to dynamic updating? Describe any
barriers or challenges that may impede the use of Al that involve dynamic updating. How
do financial institutions gain an understanding of whether Al approaches producing
different outputs over time based on the same inputs are operating as intended?

Dynamic Updating

Monitoring Al solutions allows financial institutions to detect changes between patterns of the
data used to develop the deployed model (i.e., development environment) and patterns of the
customer data used to make business decisions post-deployment (i.e., production environment).
The dynamics of the business environment can then inform an automated or a semi-automated
decision to dynamically update the Al models depending on how material the change is. It
should be noted, however, that dynamic updating is not the norm for most underwriting models.
For example, the credit scoring models and Automated Underwriting Systems used by the GSEs
do not use dynamic updating.

Risk Management

Dynamic updating comes with challenges and there are many approaches to mitigating these
challenges. The Agencies should carefully review the pros and cons of each approach before
providing the industry with guidance on best practices. We note some of the common
frameworks for addressing the challenges of dynamic updating here.

e Model Risk Management: Model Risk Management is an established framework that
financial institutions use to manage risks related to the operation of models. This
framework consists of comparing model predictions on training sets with predictions
post-deployment and using summary statistics to make statistical decisions on the level of
the drift in the underlying datasets, i.e., development datasets (test and training sets) and
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acceptance, in that it has been used by lenders for decades to address disparate impact in
traditional models. Further, an additional benefit of both feature selection and parameter tuning is
that they do not require that the model itself have access to any protected class information at
any point during training. Instead, the disparate impact is evaluated only after the model has been
trained. Importantly, none of the methods discussed in this section is mutually exclusive; feature
selection, parameter optimization, and changing score cutoffs can be used along with, or in place
of, a combination of pre-processing, in-processing, and post-processing techniques.

An important consideration raised by the use of these fairness enhancing techniques is that these
algorithmic methods must be deliberately applied by humans. After applying these techniques, a
human must then choose among the resulting Al models, to balance between faimess and
business objectives. These choices are manageable, and many institutions currently have internal
guidelines on how they should be made. But public guidance would be useful to ensure that
institutions are properly taking into account their anti-discrimination obligations.

Recommendations

Accordingly, our organizations recommend the following:

e Policy Statement regarding Al-based Fair Lending Compliance: The Agencies should
carefully assess the techniques used to evaluate Al-based credit determinations

compliance with fair lending laws and then issue a joint policy statement explaining the
risks, the Agencies’ supervisory expectations, and best practices. The Agencies, or the
CFPB independently, should issue a white paper describing the techniques that they use
to assess discrimination risks posed by institutions’ models.

e Public Research: The Agencies should encourage public research on the evaluation of
techniques used to evaluate the fair lending risks associated with Al-based credit
determinations.

12. What are the risks that Al can be biased and/or result in discrimination on prohibited
bases? Are there effective ways to reduce risk of discrimination, whether during
development, validation, revision, and/or use? What are some of the barriers to or
limitations of those methods?

There is a High Risk That A1 Will Amplify Historical Discrimination

As explained above, right now, the United States is at a crossroads in determining whether to
develop equitable Al systems that serve and uplift the whole of the national financial services
market, or systems that perpetuate, amplity, and even accelerate old discriminatory patterns. For
much of America’s history, communities of color were systematically excluded from economic
opportunities through explicit government policy decisions that inculcated an inappropriate and
unfounded association between race and risk into the nation’s housing and financial markets.”’

%7 See Lisa Rice, “The Fair Housing Act: A Tool for Expanding Access to Quality Credit,” The Fight for Fair
Housing: Causes, Consequences, and Future Implications of the 1968 Federal Fair Housing Act (Gregory Squires,















o  Where a financial institution’s use of Al indicates weaknesses in their Compliance
Management System or violations of law, the Agencies should use all of the tools in
their toolbelt to quickly address and prevent consumer harm, including issuing
Matters Requiring Attention; entering into a non-public enforcement action, such as a
Memorandum of Understanding; referring a pattern or practice of discrimination to
the U.S. Department of Justice; or entering into a public enforcement action. The
Agencies have already provided clear guidance (e.g., the Uniform Consumer
Compliance Rating System) that financial institutions must appropriately identify,
monitor, and address compliance risks, and the Agencies should not hesitate to act
within the scope of their authority.

o Moreover, any new policies or initiatives related to Al should clearly state that the
Agencies will hold financial institutions accountable for Compliance Management
System weaknesses or violations of law.

o When possible, the Agencies should explain to the public the risks that they have
observed and the actions taken in order to bolster the public’s trust in robust oversight
and provide clear examples to guide the industry.

e Actionable Policies: Existing civil rights laws and policies provide a framework for the
Agencies to analyze fair lending risk in Al and to engage in supervisory or enforcement
actions, where appropriate. That said, the Agencies can be more effective in ensuring
consistent and effective compliance by setting clear and robust regulatory expectations
regarding testing and ensuring models are non-discriminatory and equitable. The
Agencies have been in learning mode for some time, which may have put the U.S. behind
in advancing non-discriminatory and equitable technology in financial services. To retain
our competitive edge in global society, the U.S. federal tinancial regulators should move
quickly to issue actionable policy statements that clearly state their commitment to
consumer protection and civil rights laws, including fair lending laws; insight into their
supervisory expectations and methods; and useful guardrails and best practices. The time
to act is now as the use of Al proliferates in every aspect of consumer financial services
and has the potential for far-reaching adverse impacts for consumers of color and other
protected groups. More specifically, the Agencies can be more effective in ensuring
robust and consistent compliance by moving quickly to issue a clear policy statement on
Al that:

[—

Detines “model risk” to include the risk of discriminatory or inequitable outcomes;

2. Describes the risks that financial institutions should be aware of and control for;

3. Sets clear standards for a financial institution’s fair lending risk assessments,

including:

a. Discrimination testing and evaluation throughout the AI/ML model’s conception,
design, implementation, and use; and

b. Information that must be detailed in the documentation of the financial
institution’s fair lending risk assessment, including:
(i)  What testing has been conducted and less discriminatory alternatives have

been considered;





















15. The Equal Credit Opportunity Act (ECOA), which is implemented by Regulation B,
requires creditors to notify an applicant of the principal reasons for taking adverse action
for credit or to provide an applicant a disclosure of the right to request those reasons.
What approaches can be used to identify the reasons for taking adverse action on a credit
application when Al is employed? Does Regulation B provide sufficient clarity for the
statement of reasons for adverse action when Al is used? If not, please describe in detail
any opportunities for clarity.

Please see the response to Questions 1-3 regarding Explainability.

E Additional Considerations

16. To the extent not already discussed, please identify any additional uses of Al by financial
institutions and any risk management challenges or other factors that may impede
adoption and use of AL

17. To the extent not already discussed, please identify any benefits or risks to financial
institutions ' customers or prospective customers from the use of Al by those financial

institutions. Please provide any suggestions on how to maximize benefits or address any
identified risks.

Please see the Background and Global Recommendations section of this response.

Thank you for considering our views.
Sincerely,

Al Blindspot

American Civil Liberties Union

Americans for Financial Reform Education Fund
California Reinvestment Coalition

Center for Democracy & Technology

Center for New York City Neighborhoods, Inc.
Center for Responsible Lending

Center on Race, Inequality, and the Law
Consumer Action

Consumer Federation of America

East Metro Civic Alliance

Equal Rights Center

Fair Housing Advocates Association

Fair Housing Advocates of Northern California
Fair Housing Center of Central Indiana

Fair Housing Center of Northern Alabama

Fair Housing Center of Southwest Michigan
Fair Housing Center of West Michigan
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Fair Housing Council of Greater San Antonio

FairPlay Al

Housing Equality Center of Pennsylvania

Illinois People’s Action

Lawyers’ Committee for Civil Rights under Law

The Leadership Conference on Civil and Human Rights
Liberation in a Generation

Long Island Housing Services, Inc.

Louisiana Fair Housing Action Center

Miami Valley Fair Housing Center

NAACP Legal Defense and Educational Fund, Inc. (LDF)
National Community Reinvestment Coalition

National Consumer Law Center (on behalf of its low-income clients)
National Council of Asian Pacific Americans

National Fair Housing Alliance

New York University, Center for Critical Race & Digital Studies
North Texas Fair Housing Center

Philadelphia Unemployment Project

SolasAl

South Suburban Housing Center

Student Borrower Protection Center

TechEquity Collaborative

Texas Appleseed

Upturn

U.S. PIRG

Woodstock Institute
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