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1 Introduction
International trade has long been a contentious issue in U.S. elections.

During the

2000s, the U.S. trade decit with China emerged as a focus of particular attention,
and recent research establishes a link between growing U.S. imports from China and
the sharp loss of U.S. manufacturing jobs after the year 2000. Autor et al. (2013), for
example, nd that 25 to 50 percent of the manufacturing job loss in the United States
between 2000 and 2007 is due to rising Chinese imports, while Pierce and Schott (2016)
show that this relationship is associated with a change in U.S. trade policy  the U.S.
granting of permanent normal trade relations (PNTR) to China  which eliminated
the threat of substantial tari increases on Chinese imports. This heightened exposure
to Chinese import competition may aect voters' preferences through several channels,
including employment, wages, prots and goods prices.
This paper examines the impact of increased exposure to competition from China on
elections for the U.S. House of Representatives as well as the legislative activity of those
elected to Congress. In the rst part of our analysis, we show that U.S. counties with
greater exposure to the change in U.S. trade policy exhibit larger increases in turnout
as well as the share of votes cast for Democrats and the probability that a Democrat
represents the county. The second part of our analysis documents a rationale for this
change in voting behavior by showing that Congressional Democrats are, in fact, more
likely to support policies that place restrictions on imports and that provide economic
assistance that might mitigate the impact of import competition.
Our measure of exposure to increased competition from China arises from the U.S.
granting of PNTR to China in October 2000. Prior to this change in U.S. trade policy,
U.S. imports from China faced the risk, each year, that taris on a subset of products
would rise from the low NTR tari rates oered to WTO members to the substantially
higher non-NTR rates set in the Smoot-Hawley Tari Act of 1930.

These potential

tari increases created a disincentive for U.S. rms to take advantage of production
in China and for Chinese rms to expand into the U.S. market. By eliminating the
possibility of these future tari increases, PNTR removed these disincentives.
We examine voting in elections for the U.S. House of Representatives because House
members serve two-year terms and are expected to maintain close personal contact with
constituents. As a result, House members may be more responsive to the demands of
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voters than elected ocials with longer terms such as Senators or Presidents.
examine voting at the
changes

within

county

We

rather than Congressional district level in order to track

constant geographic areas over time. That approach is not possible at

the district level because the borders of Congressional districts change substantially
during the period we examine (1992 to 2010) as a result of redistricting after the 2000

1 Karol (2012) nds that Senators and Presidents are more likely to support policies (like free trade)
that are in the long-run interests of the country as a whole, even if they run counter to the shortrun passions of voters.

Conconi et al.

(2014) show that Senators are more likely to support trade

liberalization than Representatives, but that the result does not hold for Senators facing elections
within the next two years.
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Census. County borders, by contrast, are stable over this period. One potential additional benet of focusing on counties is that they are smaller than Congressional
districts in terms of both area and population, allowing us to capture greater variation
in both exposure to Chinese import competition and residents' demographic characteristics.
Our dierence-in-dierences empirical strategy examines whether counties more
exposed to the change in U.S. policy (rst dierence) experience dierential changes
in voting for Democrats after the policy is implemented (second dierence).

Across

specications that are either unweighted or weighted by counties' initial population,
coecient estimates suggest that moving a county from the 25th to the 75th percentile
in terms of exposure to the change in U.S. trade policy is associated with a 1 to 2
percentage point increase in the share of votes cast for Democrats, representing a 3 to
4 percent increase relative to the across-county average share of votes for Democrats
in the 2000 Congressional election, the closest Congressional election to the change in
U.S. trade policy.

Coecient estimates from similar specications indicate that the

probability of a switch in representation for a county from a Republican to a Democrat
Representative increases by 2 to 3 percentage points.
We allow for the potential inuence of spillovers from nearby areas by controlling
for changes in exposure to China experienced by neighboring counties that are part of
the same labor market. Results from these specications are qualitatively similar to
the baseline specications but somewhat larger in magnitude: moving a county from
the 25th to the 75th percentile in terms of both own exposure to the policy change and
neighboring counties' exposure is associated with a 4.4 percent increase in the share of
votes won by the Democrat relative to the average share of votes won by Democrats
in the year 2000 election, versus 3.7 percent in the baseline specication.
We also document other related evidence supportive of a role for PNTR in U.S. election outcomes. First, we nd that the increase in the share of votes cast for Democrats
associated with PNTR is also present for Presidential and Gubernatorial elections,
indicating eects for electoral contests besides the U.S. House of Representatives. Second, we nd that counties more exposed to PNTR's trade liberalization exhibit larger
increases in voter turnout after the policy change, relating to the political science literature on the eect of economic conditions on voter turnout (e.g. Schlozman and Verba
1979).
The second part of our analysis examines Representatives' Congressional votes on
legislation during the 1990s and 2000s using a regression discontinuity identication
strategy that compares the voting of Democrats and Republicans who win oce by
small margins.

The analysis indicates that Democrats during this period are more

likely to take positions that restrict trade and that oer economic assistance that may
benet those adversely aected by trade, providing a rationale for the change in voting
documented in the rst part of the paper. We nd that the tendency for Democrats
to support such legislation is stronger after implementation of PNTR.
Together, the results in the rst and second parts of the paper suggest that voters
who perceive themselves as being disadvantaged by trade are more likely to vote for
3

politicians that might restrict imports. An interesting topic for future research is the
extent to which PNTR contributes to the strong performance of candidates proposing
to restrict trade or alter trade agreements among both Republicans and Democrats
during the 2016 Presidential primaries.
This paper relates to literatures on voting in both political science and economics,
and also complements the large literature examining the impact of international trade
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on worker outcomes.

A closely related paper in the voting literature is Feigenbaum

and Hall (2015), which examines the eect of Congressional-district-level economic
shocks from Chinese imports  using the approach in Autor, Dorn and Hanson (2013)
 on the roll-call behavior of legislators and electoral outcomes. They nd that legislators from districts experiencing larger increases in Chinese import competition become
more protectionist in their voting on trade-related bills, and that incumbents are able
to insulate themselves from electoral competition via this voting behavior.

Another

closely related paper is Jensen, Quinn and Weymouth (2016), which nds that votes
for presidential candidates' incumbent parties rise with expanding U.S. exports and
fall with rising U.S. imports.
Using data from German labor markets, Dippel, Gold and Heblich (2015) nd that
higher imports from Eastern Europe and China are associated with an increase in the
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share of votes for far right parties.

And in research examining the relationship between

immigration and elections, Mayda, Peri and Steingress (2016) nd that the share of
votes cast for Republicans in U.S. elections responds to the level of immigration, with
the eect varying based on the share of naturalized migrants and non-citizen migrants
in the population.
This paper also relates to a literature that examines the role of trade on legislators' voting activity. Conconi et al. (2012) examine the impact of district-level trade
competition on Representatives' votes to grant U.S. Presidents Fast Track Authority

vis a vis

the negotiation of trade agreements, and Conconi et al. (2015) examine the

role of skilled labor abundance in Representatives' votes on trade and immigration
bills. Blonigen and Figlio (1998) nd that legislators' votes for bills related to trade
protection are positively associated with direct foreign investment.
We proceed as follows. Section 2 provides an overview of the growth of U.S.-China
trade.

Section 3 describes our data sources.

Sections 4 and 5 present our empirical

results. Section 6 concludes.

2 A substantial body of research documents a negative relationship between import competition
and U.S. manufacturing employment, e.g., Freeman and Katz (1991), Revenga (1992), Sachs and
Shatz (1994) and Bernard et al.

(2006).

More recently, a series of papers link Chinese imports to

employment outcomes in the United States and other developed or developing countries, e.g., Autor
et al. (2013), Bloom et al. (2015), Ebenstein et al. (2014), Groizard, Ranjan and Rodriguez-Lopez
(2012), Mion and Zhu (2013) and Utar and Torres Ruiz (2013). Increasingly active areas of research
examine links between international trade and health (McManus and Schaur 2015a,b and Pierce and
Schott 2016), crime (Dix-Carneiro et al.

2015 and Che and Xu 2015), and the provision of public

goods, (Feler and Senses 2015 and Che and Xu 2015).

3 Scheve and Slaughter (2001) show that individuals' trade policy preferences are aected by skill

level and homeownership status.
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2 China's Growth as a U.S. Trade Partner
In the past thirty-ve years China jumped from being an insignicant contributor to
world GDP to the world's second-largest economy and largest trading state. In 2007
it became the United States' largest source of imports, accounting for 17 percent of all
imports versus just 3 percent in 1990. As illustrated in Figure 1, U.S. imports from
China accelerated after China's receipt of PNTR in 2000. U.S. exports to China also
grew substantially over this period, but less rapidly, with the result that by 2007 the
United States trade decit with China exceeded $250 billion U.S. dollars, or 1.7 percent
of GDP, up from 0.3 percent of GDP in 1990.
As illustrated in Figure 2, the United States' growing imports from China coincide
with a sharp, 18 percent decline in U.S. manufacturing employment from 2001 to 2007,
with more than 80 percent of the decline occurring between 2001 and 2004.

Pierce

and Schott (2016) show that this decline was steeper in industries more exposed to the
U.S. granting of permanent normal trade relations to China, while Autor et al. (2013)
show that commuting zones with industrial structures more similar to U.S. imports
from China experienced greater declines in manufacturing employment. Beyond manufacturing employment, Pierce and Schott (2015) show that counties more exposed to
PNTR experience both relatively higher levels of unemployment and lower levels of
labor force participation during the 2000s. Related adjustment costs for workers who
switch industries or occupations as a result of these trends, and which might be inuential in driving voting preferences, are highlighted in Artuc et al. (2010), Ebenstein
et al. (2014), Acemoglu et al. (2013) and Caliendo et al. (2015).
Growth in the U.S. trade decit with China has motivated U.S. legislators at various levels of government to propose restricting imports from China. As discussed in
Pierce and Schott (2016), Congress demonstrated substantial resistance to the renewal
of normal trade relations for China during the 1990s.

Then, after the extension of

PNTR and China's entry into the WTO in 2001, Senators Charles Schumer and Lindsey Graham repeatedly introduced legislation in the U.S. Senate to impose taris on
U.S. imports from China based on allegations that China manipulates its exchange rate
relative to the U.S. dollar (Lichtblau 2011).

Calls for such action generally increase

during elections. Indeed, in a move the New York Times referred to as election year
politics over a loss of American jobs (Sanger and Chan 2010), the House of Representatives in 2010 granted President Obama expanded authority to impose taris on
a wide range of Chinese goods. The 2012 Presidential election and the lead-up to the
2016 election have also featured sharp dialogue relating to trade with China from both
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Republicans and Democrats.

4 For example, Donald Trump has called for a 45 percent tari on U.S. imports from China
(Haberman 2016) and Bernie Sanders proposes Reversing trade policies like NAFTA, CAFTA
and PNTR with China that have driven down wages and caused the loss of millions of jobs
(www.berniesanders.com/issues/income-and-wealth-inequality/). Recent media coverage has focused
on the role of these trade positions in support for Trump and Sanders, e.g. Stromberg (2016). For
additional examples, see Brower and Lerer (2012) for the 2012 election, and Collinson (2015) for the
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3 Data
This section describes the data used to measure election outcomes, exposure to competition from China, and other trade-related variables that may aect election outcomes.

3.1

Election Results and Demographics

Data on county-level election outcomes from 1992 to 2010 are from

of U.S. Presidential Elections.

5

Dave Leip's Atlas

These data track the number of votes received by

Democratic and Republican candidates for Congress in each county in each election

6

year, as well as the number of registered voters.

Figure 3 reports the distribution of the Democrat vote share across counties over
the sample period. As indicated in the gure, the average county experienced a decline
in Democrat vote share during the 1990s and early 2000s, followed by a rebound in
2006 and 2008, and then a decline in 2010. The mean Democrat vote share in the 2000
Congressional election is 40 percent, with a standard deviation of 23 percentage points.
We match the voting data to county-level demographic data from the 1990 Decennial Census that have been found to be important correlates of voting behavior in the
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political science and economics literatures on voting.

These data are summarized in

Table 1.

3.2

Counties' Exposure to PNTR

We make use of the structure of the U.S. tari schedule to dene a measure of each
industry's  and in turn, each county's  exposure to PNTR. The tari schedule has
two basic sets of taris:

NTR taris,

which average 4 percent across industries and

are applied to goods imported from other members of the World Trade Organization
(WTO); and

non-NTR taris, which were set by the Smoot-Hawley Tari Act of 1930

and are typically substantially higher than the corresponding NTR rates, averaging 37
percent across industries. While imports from non-market economies, such as China,
generally are subject to the higher non-NTR rates, U.S. tari law allows the President
to grant such countries access to NTR rates on an annually renewable basis, subject
to approval by Congress.
2016 election cycle.

5 For details on data collection, see www.uselectionatlas.org.
6 County boundaries are substantially more stable than those of Congressional districts, whose

borders change after each decennial census During our sample period, there are only three changes:
South Boston, VA (county code 51780) joined Halifax County (51083) on July 1, 1995; Dade County,
FL (12025) was renamed as Miami-Dade FL (12086) on November 13, 1997; and Skagway-YakutatAngoon, AK (2231) was changed to Skagway-Hoonah-Angoon Census Area, AK (2232) on September
22, 1992, and then to Hoonah-Angoon Census Area, AK on June 20, 2007. In each case, we aggregate
the noted counties for the entire sample period.

7 See, for example, Baldwin and Magee (2000), Gilbert and Oladi (2012), Kriner and Reeves (2012),

Wright (2012) and Conconi et al. (2012).
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U.S. Presidents granted China such a waiver every year starting in 1980, but annual
re-approval of the waiver became politically contentious following the Chinese government's crackdown on the Tiananmen Square protests in 1989. Re-approval remained
controversial throughout the 1990s, especially during other ashpoints in U.S.-China
relations including China's transfer of missile technology to Pakistan in 1993 and the
Taiwan Straits Missile Crisis in 1996. Importantly, if annual renewal of the waiver had
failed, U.S. taris on imports from China generally would have risen substantially from
the temporary NTR level to the much higher non-NTR rates.
The possibility of tari increases each year served as a disincentive for rms con-
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sidering engaging in U.S.-China trade.

Pierce and Schott (2016) provide anecdotes

indicating that this threat both discouraged U.S. rms from making investments in
China and suppressed investments by Chinese rms considering exporting to the United
States, thereby reducing import competition for U.S. producers.
PNTR, which was passed by Congress in October 2000 and took eect upon China's
entry to the WTO in December 2001, permanently locked in U.S. taris on imports

9

from China at the low NTR rates, eliminating these disincentives.

As documented

in Pierce and Schott (2016), the industries and products most aected by the policy
change experienced larger declines in U.S. manufacturing employment, as well as larger
increases in imports from China  including related-party imports  and larger increases
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in exports to the United States by foreign-owned rms in China.

We compute counties' exposure to PNTR in two steps. The rst step is to calculate exposure for U.S. industries. We follow Pierce and Schott (2016) in dening the
industry-level impact of PNTR as the increase in U.S. taris on Chinese goods that
would have occurred in the event of a failed annual renewal of China's NTR status
prior to PNTR,

N T R Gapj = N on N T R Ratej − N T R Ratej .

(1)

We refer to this dierence as the NTR gap, and compute it for each four-digit SIC
industry

j

using

ad valorem equivalent

tari rates provided by Feenstra et al (2002)

for 1999, the year before passage of PNTR. As illustrated in Figure 4, NTR gaps vary
widely across industries, with a mean and standard deviation of 33 and 15 percentage
points, respectively. As noted in Pierce and Schott (2016), 79 percent of the variation
in the NTR gap across industries is due to non-NTR rates, set 70 years prior to passage

8 Intuition for these incentives can be derived, in part, from the literature on investment under
uncertainty (e.g., Pindyck 1993 and Bloom, Bond and Van Reenen 2007), which demonstrates that
rms are more likely to undertake irreversible investments as the ambiguity surrounding their expected
prot decreases. Handley (2014) introduces these insights to rms' decisions to export.

9 The passage of PNTR followed the bilateral agreement in 1999 between the U.S. and China

regarding China's eventual entry into the WTO.

10 Feng, Li and Swenson (2016) discuss the eect of PNTR on entry and exit patterns of Chinese

exporters, as well as changes in export product characteristics; Heise et al. (2015) describe the eect
of PNTR on the structure of supply chains; and Handley and Limao (2014) discuss its implications
for trade.
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of PNTR. This feature of non-NTR rates eectively rules out reverse causality that
would arise if

non-NTR rates

were set to protect industries with declining employment

NTR rates were raised to protect
PNTR, these higher NTR rates would

or surging imports. Furthermore, to the extent that
industries with declining employment prior to
result in

lower

11

NTR gaps, biasing our results away from nding an eect of PNTR.

We compute U.S. counties' exposure to PNTR as the employment-share weighted
average NTR gap across the sectors in which they are active,


X  Ljcb
N T R Gapj ,
N T R Gapc =
j
Lcb
where

Ljcb

is the base-year

b

employment of SIC industry

overall employment in county

c

in base year

b.12

j

in county

(2)

c

and

Lcb

is the

County-industry-year employment data are from the U.S. Census Bureau's County
Business Patterns (CBP). We use

b = 1990

for the base year to mitigate a potential

relationship between counties' industrial structure and the year 2000 change in U.S.
trade policy.

Given that services comprise a large share of employment, the distri-

county -level N T R Gapc is shifted leftwards relative to the distribution of
manufacturing and other industries for which the N T R Gapj is dened: the mean and

bution of

standard deviation of the county-level NTR gap are 7.3 and 6.5 percentage points, as
displayed visually in Figure 5. The dierence between the 25th and 75th percentiles is
8.3 (=10.6-2.3) percentage points.
We also compute counties' exposure to PNTR via the average NTR gap of surrounding counties in the same commuting zone, a geographic area roughly analogous
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to a local labor market.

The correlation of own- and commuting-zone NTR gaps

across counties, 0.58, is displayed visually in Figure 6.

3.3

Other Controls for Exposure to Import Competition

Our analysis includes controls for counties' average NTR rate and their exposure to the
phasing out of textile and clothing quotas under the global Multi-Fiber Arrangement
(Khandelwal et al. 2013).
We compute counties' exposure to U.S. import taris and the MFA phase-outs as
the employment-share weighted average of their tari rates and exposure to MFA, i.e.,
as in equation 2.

Following Brambilla et al.

(2009) and Pierce and Schott (2016),

11 Cross-industry variation in the NTR rate explains less than 1 percent of variation in the NTR
gap.

12 NTR gaps can only be calculated for products subject to import taris, such as manufacturing,

agriculture and mining products. NTR gaps for services, which are not subject to import taris are,
by denition, zero.

13 We use the U.S. Census Bureau denition of commuting zones as of 1990 and the concordance of

counties to commuting zones provided by Autor et al. (2013). The 3113 counties in our sample are
distributed across 741 commuting zones, with the number of counties per commuting zone ranging
from 1 to 19 (the Washington DC area).
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we measure the extent to which industry quotas were binding under the MFA as the
import-weighted average ll rate of the textile and clothing products that were under
quota in that industry, where ll rates are dened as the actual imports divided by
allowable imports under the the quota. Industries with higher average ll rates faced
more binding quotas and are therefore more exposed to the end of the MFA. Products
not covered by the MFA have a ll rate of zero.

4 Trade Liberalization with China and Voting in U.S.
Congressional Elections
This section explores the link between the U.S. granting of PNTR to China in 2000
and outcomes of U.S. Congressional elections.

4.1

Identication Strategy

Our baseline estimation examines the link between the share of votes cast for the
Democratic candidate for the U.S. House of Representatives in county
year

t

c in even election

from 1992 to 2010, a period that straddles the year 2000 change in U.S. trade

policy. We use a dierence-in-dierences (DID) specication that asks whether counties
with higher NTR gaps (rst dierence) experience dierential changes in voting after
the change in U.S. trade policy (second dierence),

Dem V otect = θP ost P N T Rt × N T R Gapc
+P ost P N T Rt × X0c γ + X0ct β
+δc + δt + α + εct ,
The dependent variable is the percent of votes received by the Democrat in county

(3)

c in

year t. The rst term on the right-hand side is the DID term of interest, an interaction
of a post-PNTR (i.e.,

t > 2000)

indicator with the (time-invariant) county-level NTR

gap, as dened in the preceding section.

Xc

represents a vector of initial period county demographic attributes taken from

the 1990 Census that are found to be important in the economics and political science literatures on voting.

These attributes are median household income, share of

population achieving higher education, the share of non-white population, the share
of veterans and the share of voters over 65. Including interactions of these attributes
with the

P ost P N T Rt

indicator allows the relationship between these demographic

characteristics and voting outcomes to dier before and after passage of PNTR.

Xct

represents a matrix of time-varying policy attributes including the average U.S. import
tari rate associated with each county's mix of industries as well as the county's exposure to the phasing out of the MFA.

δc

and
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δt

represent county and year xed eects.

One advantage of this DID identication strategy is its ability to net out characteristics of counties that are time-invariant, while also controlling for aggregate shocks
that aect all counties identically in a particular year, such as whether the election
occurs during a presidential versus non-presidential election year.

14

We consider both

unweighted regressions (Tables 2 to 4), which are representative of the relationship for
the average county, and regressions for which observations are weighted by counties'
initial population (Table 5), making them representative of the average individual.
Figure 7 plots the average Democrat vote share (left panel) and probability of Democrat victory (right panel) for two groups of counties: those with own- and surroundingcounty NTR gaps above, versus below, the median of these gaps across all counties. The
vertical line in each gure represents the year in which PNTR was passed. As indicated
in the gures, the Democrat vote share and probability of Democratic representation
tend to be higher for high NTR gap counties in both the pre- and post-PNTR periods. Importantly, in each case, trends in outcomes prior to the change in U.S. policy
are similar, consistent with the parallel trends assumption inherent in dierence-indierences analysis.

Among those counties with both NTR gaps above the median,

there is movement towards relatively higher Democrat vote shares in 2002 and 2008
and higher probability of Democrat victory in 2008. Estimation of Equation 3 examines the extent to which there is a statistically signicant shift toward higher Democrat
vote shares and a higher probability of Democratic victory for more exposed counties
in the post-PNTR period.

4.2

Exposure to PNTR and Elections for the U.S. House of
Representatives

The rst three columns of Table 2 summarize the results of estimating equation (3) via
OLS for 1992 to 2010. Robust standard errors adjusted for clustering at the county
level are reported below each estimate. As indicated in the rst column of the table, we
nd no relationship between PNTR and voting for Democrats in a simple specication
that includes only the DID term of interest and the xed eects. The results in columns
two and three, by contrast, indicate a positive and statistically signicant coecient for
the DID term once the time-invariant and time-varying county attributes found to be
important in the voting literature are added. The point estimate in the third column,
0.18, implies that a county moving from the 25th to the 75th percentile NTR gap (from
2.3 to 10.6 percent) is associated with a 1.5 percentage point increase in the share of
votes won by the Democratic candidate, or 3.7 percent of the average 40 percent share
of the vote for Democrats in the 2000 Congressional election (as displayed in the nal
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row of the table).

14 One disadvantage is that the long sample period renders it susceptible to biased standard errors
associated with serial correlation (Bertrand, Duo and Mullainathan 2003).

15 Note that the 40 percent share of votes cast for Democrats in the 2000 House of Representatives

elections is an average across counties. Overall, the Democratic candidate received 46,595,202 votes
(46.8 percent of total) in the 2000 House of Representatives elections, while the Republican candidate

10

Columns four through six of Table 2 examine the relationship between PNTR and
three other election outcomes: an indicator variable for whether the Democrat wins
the county, an indicator for whether the election results in a switch to a Democrat
representing the county, and an indicator for whether the election results in a switch
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to a Republican representing the county.

For the latter two regressions the sample

is restricted to observations in which the prior oce holder was a Republican, or
Democrat, respectively.
As indicated in the table, we nd a positive and statistically signicant relationship
between exposure to PNTR and the probability of both Democrat victory and a switch
to a Democratic Representative. By contrast, we nd a statistically signicant decline
in the probability of a switch to a Republican Representative. The point estimate for
Democrat victory in column four, 0.2282, indicates that a county moving from the
25th to the 75th percentile NTR gap is associated with a 1.9 percentage point increase
in the probability of victory, or 5.4 percent of the probability of victory in the year
2000. Similar exercises indicate an estimated increase in the probability of switching
to Democrat of 1.9 percentage points, and an estimated decrease in the probability of
switching to a Republican of -2.2 percentage points. These estimated changes represent
approximately 27 and -17 percent of the average probabilities of such switches occurring
in the year 2000 (7 and 13 percent, respectively).
Estimates for the remaining covariates included in the regression suggest that voters
with a college degree and at least some graduate education are more likely to support
Democrats after 2000, while those over 65 are less likely to do so.
The nal column of Table 2 examines the relationship between exposure to PNTR
and voter turnout, dened as the number of people voting in the election divided by the
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number of registered voters.

As indicated in the table, we nd that higher exposure

to PNTR is associated with a statistically and economically signicant increase in
voter turnout.

The point estimate for the DID term, 0.14, suggests that a county

moving from the 25th to the 75th percentile in terms of exposure is associated with a
1.18 percentage point increase in turnout, or 1.8 percent of the average turnout across
counties in the year 2000 (65 percent).
To the extent that the median voter is injured by increased import competition in
the more heavily-aected counties, this result is in line with a political science literature
arguing that economic adversity can increase voter turnout (e.g. Schlozman and Verba
1979). This result diers from Dippel, Gold and Heblich's (2015) nding that higher
imports have no relationship with election turnout in Germany. The dierence may
stem, in part, from U.S. voters directing votes toward a major party in response to trade
received 46,738,619 votes (47.0 percent of total) and candidates from other parties received 6,125,773
votes (6.2 percent of total). See Federal Election Commission (2001).

16 Because counties are reallocated to Congressional districts over time, we emphasize that this

analysis does not directly examine victories in House elections, but rather examines the probability
that a Representative from a particular party represents a county.

17 Turnout data are missing from

Dave Leip's Atlas of U.S. Presidential Elections for 1992, 1994,

1998 and 2008.
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competition, whereas Dippel, Gold and Heblich (2015) show that import competition
in Germany is associated with an increase in votes for far-right parties.

4.3

Exposure to PNTR via Neighboring Counties Within Commuting Zones

In this section we examine whether voters in one county might be inuenced by economic conditions in neighboring counties that are part of the same labor market. The
specication we consider is similar to that considered in the previous section but it
is augmented with an additional dierence-in-dierences term, an interaction of the
post-PNTR indicator variable with the average NTR gap across other counties in the
same commuting zone (z).
As illustrated in Table 3, the estimated coecients for both own and external
commuting zone NTR gaps are positive for all ve outcome variables: the Democrat
vote share, the probability of Democrat victory, the probability of a switch towards
a Democrat or away from a Republican, and turnout. Though estimates for the two
DID terms are not individually signicant, they are jointly signicant in all cases, as
indicated by the F-test p-values reported in the third-to-last row of the table.
In terms of economic signicance, the coecient estimates in the rst column suggest that a county moving from the 25th to the 75th percentile NTR gap (from 2.3 to
10.6 percent) is associated with a 1.8 percentage point increase in the share of votes
won by the Democrat candidate, representing 4.4 percent of the average 40 percent
share of the vote for Democrats in the year 2000. Point estimates in the third column
indicate that moving a county from the 25th to the 75th percentile NTR gap boosts the
probability or Democrat victory by 6.3 percent compared to the average probability
of victory across counties in the year 2000. For switching to a Democrat, switching to
a Republican and turnout, the comparable percentages are 28, -32 and 1.25 percent,
respectively.

These magnitudes are all somewhat larger than those reported in the

baseline results indicating that counties' voting outcomes are also aected by spillovers
from neighboring counties in the same labor market.

4.4

Exposure to PNTR and the Democrat Vote Share for Other
Oces

In this section we examine the relationship between PNTR and the Democrat vote
share for three other oces: Presidential, Senatorial and gubernatorial. Presidential
and gubernatorial elections occur every four years, but unlike Presidential elections,
the latter do not all occur in the same year for all states. Senatorial elections occur
every six years, with approximately one third of Senators up for election in any given
election year.
Results are reported in Table 5. We nd positive and statistically signicant relationships between the change in U.S. trade policy and the share of votes won by
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Democrats in both Presidential and gubernatorial elections. The DID point estimates
for President and governor suggest that moving a county from the 25th to the 75th
percentile in terms of exposure to PNTR is associated with increases in the Democrat
vote share of 0.4 and 1.2 percentage points, or 1 and 2.5 percent of the average share
of votes won by Democrats for these oces across counties in the year 2000. We also
nd a positive relationship between PNTR and the share of votes won by Democrats in
Senatorial elections, but this relationship is not statistically signicant at conventional
levels. The observed eects on Presidential and gubernatorial outcomes provide further
evidence consistent with the role of PNTR's trade liberalization on elections.

4.5

Weighting Counties by Population

The coecient estimates reported in the previous three sections are based on unweighted regressions, and therefore are representative of the relationship between PNTR
and voting behavior for the average county. In this section we consider the eect of
weighting by initial (1990) population, which provides estimates representative of the
average individual.
As indicated in Table 2, we continue to nd positive and statistically signicant relationships between PNTR and the share of votes won by Democrats, the likelihood of
a switch to a Democrat Representative and turnout. We no longer nd statistically signicant relationships between counties' exposure to the change in U.S. trade policy and
the likelihood of either Democrat victory or a switch to a Republican Representative.
The point estimates in the rst, third and fth columns indicate that moving a
county from the 25th to the 75th percentile NTR gap increases the Democrat vote
share, the probability of a switch to a Democrat Representative and turnout by 2.8,
18.9 and 3.3 percent relative to their levels in the year 2000. The rst two of these
magnitudes are somewhat lower than those implied by the estimates in Table 3 (3.7
and 27, respectively), while the estimated eect for turnout is higher (1.8 in Table 3).

5 Party Aliation and Legislator Voting Behavior
The previous section establishes that voters in counties facing larger increases in competition from China are more likely to vote for Democratic candidates. One explanation
for this result is that workers displaced by Chinese imports sought to elect ocials
that would either protect U.S. workers from international trade or soften the eect
of this competition by promoting economic assistance programs. This section investigates whether Congressional Democrats in the U.S. House of Representatives during
the 1990s and 2000s were more likely to vote for legislation along these lines. We use
a regression discontinuity approach to examine whether Republicans' and Democrats'
votes dier on trade-related and economic assistance-related bills. We begin by discussing the classication of bills as being either for or against free trade or economic
assistance and then describe our identication strategy before presenting the results.
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5.1

Classication of Trade and Economic Assistance Bills

rd
House members' votes from 1993 to 2011 (from the start of the 103
to part of the
th
112 Congresses) are obtained from the website www.govtrack.us. Data on the set
of bills considered by the House during this period are from the Rohde/PIPC House
Roll Call Database, maintained and generously provided by David Rohde of Duke
University.

We adopt Rohde's classications of bills related to trade and economic

assistance programs, and then classify bills as pro- versus anti-free trade and proversus anti- economic assistance using ranking data from the National Journal.

We

describe each of these steps in turn.

5.1.1

Trade Bills

The Rohde/PIPC House Roll Call Database assigns each bill a code summarizing its

18

content.

We follow Rohde in considering bills to be trade-related if they fall into the

following categories: Japanese trade (540), Federal trade commission (542), unfair trading practices (543), export controls (544), compensation to U.S. business
and workers (545), Export-Import Bank (546), tari negotiations (547), import
quotas-taris (548), and miscellaneous (549). We classify trade-related bills as proversus anti-free trade based on the National Journal's rankings of the economic liberal-

19

ness of the bills' sponsors.

A ranking of

liberal in their voting than

r

r(0, 100) indicates that the sponsor is more

percent of House members. Bills whose primary spon-

sor's ranking exceeds 50 are coded as anti-free-trade. The remaining bills are coded as
pro-free-trade. One drawback of this approach is its reliance on a ranking system based
exclusively on a principle component analysis of members' votes on economic issues.
A major benet of the approach, in addition to its simplicity, is the independence of
the rankings. We note that the results discussed below are also robust to the authors'
qualitative classication of bills as either pro- or anti-free trade.

5.1.2

Economic Assistance Bills

We consider bills to be related to economic assistance if they fall into the following
categories of the Rohde database: jobs (code 810 of the database), welfare benets/social services (code 811), job training (code 816), nutrition programs (code
831), family assistance (code 832), homeless (code 835), unemployment assistance
(code 962), and minimum wage (code 966). As above, we use the National Journal
rankings to classify bills as pro- versus anti- economic assistance according to whether
the bills' sponsors' economic liberalness rankings are above or below 50.

18 The complete list of codes can be found at http://sites.duke.edu/pipc/data/.
19 Further detail on these rankings is available at http://www.nationaljournal.com/2013-voteratings/how-the-vote-ratings-are-calculated-20140206.
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5.2

Identication Strategy

We examine the relationship between House members' votes on trade and economic
assistance bills and their party aliation using the following specication,
0

ydh = α + βDemocratdh + Xdh θ + δs + δh + εdh ,
where

d

and

h

(4)

denote Congressional districts and the particular two-year Congress

during which Representatives serve.

20

The dependent variable

ydh

represents the share

of anti-free trade or pro-economic assistance bills supported by a particular represen-

Democratdh takes the value
otherwise. Xdh represents a matrix of

tative during a particular Congress. The dummy variable

1

if the Representative is a Democrat and zero

district-Congress attributes, including the demographic characteristics of the district
and personal attributes of the Representative.
xed eects, and

εdh

21

δs

and

δh

represent state and Congress

is the error term. As noted in the introduction, Congressional dis-

trict boundaries change substantially over the sample period as a result of redistricting.
We are therefore unable to include district xed eects in equation 4.
In this specication, identication of

β

requires that Representatives' party al-

iation be uncorrelated with the error term.

As there may be several reasons why

this assumption is violated, we follow Lee (2008) in identifying the causal eect of
party aliation on voting behavior using a regression discontinuity (RD) approach.

22

Specically, we make use of the principle that the probability of a Democrat winning
a congressional election disproportionately increases at the point where they receive a
larger share of votes than the Republican competitor.
Formally, dene the assignment variable

M argindh ≡ V oteShareDemocratic
− V oteSharesRepublican
dh
dh
as the dierence in voting share between the Democratic and Republican candidates in
the Congressional district

d

for election to Congress

h.

As illustrated in Figure 8, the

probability of a Democratic candidate winning an election conditional on the margin
of victory has a discontinuity at the cuto
near 1 for values of

m

h = 110

That is, this probability is substantially

just above zero compared with values of

Hahn et al. (2001) show that when

20 For example,

0.

E [εdh |M argindh = m]

m
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just below zero.

is continuous in

m

at the

represents the 110th Congress, which met from January 3, 2007 to January

3, 2009.

21 Data on House members' age, gender, party aliation and other characteristics used in the second

part of our analysis are obtained from Wikipedia.

22 Lee et. al (2004) uses RD to investigate the eect of party aliation on legislators' right-vs-left

voting scores.

23 Note that there are cases in which a third party won the election even though the

Democratic

candidate

received

more

(less)

Pr [Democraticd,t = 1|M argind,t = m] 6= 1

votes

when

than

m > 0.

15

the

Republican

party.

As

a

result,

0, β

cuto

β̂RD =

in equation (4) can be identied as

limm↓0 E [ydh |M argindh = m] − limm↑0 E [ydh |M argindh = m]
.
limm↓0 E [Democrat|M argindh = m] − limm↑0 E [Democratdh |M argindh = m]
(5)

Lee and Lemieux (2010) show that

β̂RD

is essentially an instrumental variable esti-

mator. Specically, the rst stage of the instrumental variable estimation is

Democratdh = γI {M argindh ≥ 0} + g (M argindh ) + µdh ,
while the second stage is

ydh = α + βDemocratdh + f (M argindh ) + εdh ,
I {.} is an indicator function that takes a value of 1 if the argument in brackets is
true and 0 if it is false, and where g(.) and f (.) are exible functions of the assignment

where

variable that control for the direct eect of the strength of the Democratic versus
Republican parties on the outcome variable

ydh .

Lee and Lemieux (2010) suggest

both nonparametric and parametric approaches to estimate

β̂RD .

We pursue both

approaches, with details provided in Section B of the online appendix.
The identifying assumption of our RD estimation  that
is continuous in

m

at the cuto

0

E [εdh |M argindh = m]

 implies that the election outcome at the cuto

point is determined by random factors, i.e., no party or candidate can fully manipulate
the election.

24

To provide quantitative support for this assumption, we perform two

checks suggested by Lee and Lemieux (2010). First, if there were full manipulation at
the cuto point

0,

the distribution of district characteristics on the two sides of the

cuto point would be dierent, and a mixture of district-level discontinuous densities
would imply that the aggregate distribution of assignment variable is discontinuous
at the cuto point.

We check the density distribution of the assignment variable

using the method developed by McCrary (2008). As shown in Figure A.1 of the online
appendix, we do not nd any discontinuity in the density distribution of the assignment
variable at the cuto point

0, and hence fail to reject the hypothesis that our identifying

assumption is satised.
The second check directly examines pre-determined characteristics between Congressional districts in the neighborhood of the cuto point.

If there were full ma-

nipulation at the cuto, districts on the margin would not be balanced and these

24 Using RD to investigate the incumbent advantage, Lee (2008) argues:
It is plausible that the exact vote count in large elections, while inuenced by political
actors in a non-random way, is also partially determined by chance beyond any actor's
control. Even on the day of an election, there is inherent uncertainty about the precise
and nal vote count. In light of this uncertainty, the local independence result predicts
that the districts where a party's candidate just barely won an electionand hence
barely became the incumbentare likely to be comparable in all other ways to districts
where the party's candidate just barely lost the election.
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pre-determined district characteristics would show discontinuities in their distribution
at the cuto point. Figures A.2 to A.10, reported in the appendix reveal that none
of the distributions of district attributes used in our analysis exhibit discontinuities at
the cuto

5.3

0,

indicating that our hypothesis of a valid RD setting cannot be rejected.

Results

We start with a visual presentation of the relationship between Democrats' margin of
victory,

M argindh , and the districts' subsequent votes for trade and economic assisydh , across the 103rd (January 1993 through January 1995) to the 112th

tance bills,

(January 2011 to January 2013) Congresses. Figures 9 and 10 show that the share of
districts' pro-free trade votes drops discontinuously at the cuto point

M argindh = 0,

while their share of pro-economic assistance votes rises discontinuously at this cut o.
Given that the chance of winning the election jumps discontinuously at the same point
(see Figure 8), these outcomes reveal that Democratic Representatives during this period were more likely to take anti-free trade positions and pro-economic assistance
positions than their Republican colleagues.

Our regression analysis estimates these

dierences where the margin of Democrat victory equals zero.
Formal estimation results for the eect of party aliation on districts' voting for
β̂ RD , are reported in Tables 6 and 7.

pro-free trade and pro-economic assistance bills,

The rst column of each table reports results using OLS, while columns two and three
report results for the non-parametric and parametric RD estimations, respectively.
As noted in the tables, estimates are negative and statistically signicant in all three
columns for pro-free trade bills, and positive and statistically signicant in all three
columns for pro-economic assistance bills, consistent with Figures 9 and 10. The results
in Tables 6 and 7 are also robust to variation in the bandwidth of our nonparametric
estimation as well as alternative polynomial expansions.

25

In terms of economic signicance, the 2SLS coecient estimates reported in the
third column of each table indicate that a Democratic aliation is associated with a
16 percent reduction in the share of votes for pro-free trade legislation and a 27 percent
increase in the share of votes for pro-economic assistance bills, relative to Republican
aliation. These results therefore provide a rationale for the voting results reported
in Section 4.
Moreover, comparison of legislators' votes over time indicates even sharper dierences between parties after the change in U.S. trade policy. Table 8 compares results
for the nal specications reported in Tables 6 and 7 for the pre- versus post-PNTR
time periods.

As indicated in the table, we nd that for both types of legislation,

Democrats are less likely to support pro-free trade and more likely to support proeconomic assistance legislation in Congresses after 2000 versus before.

25 See Section B of the online appendix for further discussion.
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6 Conclusion
This paper examines the eect of increased import competition from China on U.S.
political outcomes. Our primary measure of exposure to competition from China comes
from the U.S. granting of Permanent Normal Trade Relations to China, and we examine
its eect in a dierences-in-dierences specication.
We nd that U.S. counties more exposed to increased competition from China
experience increases in the share of votes cast for Democrats in Congressional elections,
along with increases in the probability that a Democrat represents a county and the
probability of a county switching from a Republican to a Democrat Representative.
The results are also economically signicant  we nd that moving a county from the
25th to the 75th percentile of exposure to China increases the Democrat vote share in
Congressional elections by 1.5 percentage points, or a 3.7 percent increase relative to the
average share of votes won by Democrats in the 2000 Congressional election. Moreover,
we nd that the eect of the increase in import competition on voting is slightly larger
once we account for the exposure of other counties in the same labor market, and
that increased import competition is associated with higher voter turnout and a higher
share of votes cast for Democrats in Presidential and gubernatorial elections.
The second half of our analysis investigates potential links between these voting
outcomes and the policy choices of legislators in Congress. We use a regression discontinuity approach to examine dierences between Democrats' and Republicans' voting
on bills related to trade and economic assistance programs. We nd that Democrats
are more likely to support policies that limit import competition and that provide
economic assistance that may benet workers adversely aected by trade competition,
providing an explanation for the voting behavior documented in the rst part of our
paper.
Our results suggest that voters who perceive themselves as being disadvantaged
by trade are more likely to vote for politicians that might restrict imports or promote
economic assistance. A potentially fruitful avenue for further research is to investigate a
link between PNTR and the success of Republican and Democrat candidates proposing
to alter trade agreements during the 2016 Presidential primaries.
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ŽƵŶƚǇƚƚƌŝďƵƚĞ
KďƐ
DĞĂŶ
^
DŝŶ
DĂǆ
DĞĚŝĂŶ,ŽƵƐĞŚŽůĚ/ŶĐŽŵĞ
ϯϭϯϴ
ϯϭ͘Ϯϴ
ϴ͘ϲϯ
ϭϭ͘Ϯϭ
ϳϳ͘ϯϱ
WĞƌĐĞŶƚĂĐŚĞůŽƌ
ϯϭϯϴ
ϵ͘Ϭϯ
ϰ͘ϮϮ
Ϭ͘ϬϬ
ϰϬ͘ϯϬ
WĞƌĐĞŶƚ'ƌĂĚƵĂƚĞ
ϯϭϯϴ
ϰ͘ϰϴ
Ϯ͘ϳϰ
Ϭ͘ϬϬ
Ϯϵ͘ϳϬ
WĞƌĐĞŶƚEŽŶͲtŚŝƚĞ
ϯϭϯϴ
ϭϮ͘ϴϱ
ϭϱ͘ϴϱ
Ϭ͘ϬϬ
ϵϰ͘ϵϬ
WĞƌĐĞŶƚsĞƚĞƌĂŶ
ϯϭϯϴ
ϭϰ͘ϳϵ
Ϯ͘ϳϳ
ϰ͘ϮϬ
Ϯϵ͘ϬϬ
WĞƌĐĞŶƚϲϱн
ϯϭϯϴ
ϭϰ͘ϴϲ
ϰ͘ϰϲ
Ϭ͘ϳϬ
ϯϳ͘ϳϬ
EŽƚĞƐ͗dĂďůĞƐƵŵŵĂƌŝǌĞƐƚŚĞĚŝƐƚƌŝďƵƚŝŽŶŽĨǀĂƌŝŽƵƐĐŽƵŶƚǇĂƚƚƌŝďƵƚĞƐŝŶϭϵϵϬ
ĂĐĐŽƌĚŝŶŐƚŽƚŚĞϭϵϵϬĞĐĞŶŶŝĂůĞŶƐƵƐ͘

Table 1: County Attributes in 1990

sZ/>^

ĞŵŽǀŽƚĞ

ĞŵŽǀŽƚĞ

ĞŵŽǀŽƚĞ

ĞŵtŝŶ

^ϮĞŵ

^ϮZĞƉ

dƵƌŶŽƵƚ

ͲϬ͘Ϭϯϲϳ
Ϭ͘Ϭϯϳ

Ϭ͘ϭϯϲϯΎΎΎ
Ϭ͘ϬϰϮϭ

Ϭ͘ϭϴϬϴΎΎΎ
Ϭ͘Ϭϰϲϴ

Ϭ͘ϮϮϴϮΎΎ
Ϭ͘ϭϬϯϴ

Ϭ͘ϮϮϴϳΎΎ
Ϭ͘Ϭϴϵϰ

ͲϬ͘ϮϲϲϴΎ
Ϭ͘ϭϱϱϵ

Ϭ͘ϭϰϰϰΎΎΎ
Ϭ͘ϬϮϬϯ

Ϭ͘ϬϮϮϰ
Ϭ͘Ϭϰϭϱ

Ϭ͘ϬϮϬϳ
Ϭ͘Ϭϰϭϲ

ͲϬ͘ϮϬϲϱΎ
Ϭ͘ϭϬϲϮ

ͲϬ͘ϭϭϬϰ
Ϭ͘Ϭϴϯ

Ϭ͘ϳϭϲϭΎΎΎ
Ϭ͘ϭϰϰϱ

ͲϬ͘ϯϱϬϭΎΎΎ
Ϭ͘Ϭϭϴϱ

WŽƐƚǆWĞƌĐĞŶƚĂĐŚĞůŽƌƐŝŶϭϵϵϬĐ

Ϭ͘ϲϴϳϯΎΎΎ
Ϭ͘Ϭϵϴϵ

Ϭ͘ϲϵϯϯΎΎΎ
Ϭ͘Ϭϵϵ

ϭ͘ϵϱϴϭΎΎΎ
Ϭ͘Ϯϱϯϱ

Ϭ͘ϰϬϲϯΎ
Ϭ͘ϮϮϭϲ

ͲϮ͘ϮϳϮϵΎΎΎ
Ϭ͘ϯϴϭϴ

Ϭ͘ϲϯϲϬΎΎΎ
Ϭ͘Ϭϰϱϯ

WŽƐƚǆWĞƌĐĞŶƚ'ƌĂĚƵĂƚĞŝŶϭϵϵϬĐ

Ϭ͘ϬϳϰϮ
Ϭ͘ϭϮϴϮ

Ϭ͘Ϭϳϭϳ
Ϭ͘ϭϮϴϯ

ͲϬ͘Ϭϭϴϭ
Ϭ͘ϯϮϬϴ

Ϭ͘ϲϭϱϳΎ
Ϭ͘ϯϯϱϳ

Ϭ͘ϯϭϳϮ
Ϭ͘ϯϵϲϮ

ͲϬ͘ϯϴϴϵΎΎΎ
Ϭ͘ϬϲϬϲ

WŽƐƚǆWĞƌĐĞŶƚEŽŶͲtŚŝƚĞŝŶϭϵϵϬĐ

ͲϬ͘Ϭϭϵ
Ϭ͘ϬϮϭϮ

ͲϬ͘Ϭϭϳϴ
Ϭ͘ϬϮϭϰ

ͲϬ͘Ϭϰϵ
Ϭ͘Ϭϰϯϭ

Ϭ͘ϭϮϯϭΎΎ
Ϭ͘ϬϱϰϮ

ͲϬ͘Ϭϯϯϰ
Ϭ͘Ϭϰϳϭ

ͲϬ͘ϬϲϱϮΎΎΎ
Ϭ͘ϬϬϳϴ

WŽƐƚǆWĞƌĐĞŶƚKǀĞƌϲϱŝŶϭϵϵϬĐ

ͲϬ͘ϭϵϮϯΎΎ
Ϭ͘Ϭϳϰϳ

ͲϬ͘ϭϵϬϵΎΎ
Ϭ͘Ϭϳϰϳ

ͲϬ͘ϰϳϮϯΎΎΎ
Ϭ͘ϭϲϱϯ

Ϭ͘Ϭϱϰϲ
Ϭ͘ϭϮϯϮ

Ϭ͘ϳϱϴϳΎΎΎ
Ϭ͘Ϯϱϭϭ

ͲϬ͘ϭϭϳϯΎΎΎ
Ϭ͘ϬϮϵϲ

WŽƐƚǆWĞƌĐĞŶƚsĞƚĞƌĂŶŝŶϭϵϵϬĐ

Ϭ͘Ϭϵϭϯ
Ϭ͘Ϭϵϲϰ

Ϭ͘ϬϵϮϳ
Ϭ͘Ϭϵϲϯ

ͲϬ͘Ϭϳϭϴ
Ϭ͘ϮϮϮϳ

ͲϬ͘Ϭϰϲϴ
Ϭ͘ϭϴϯϴ

ͲϬ͘ϭϭϲϯ
Ϭ͘ϯϮϬϰ

Ϭ͘ϰϯϱϳΎΎΎ
Ϭ͘Ϭϰϯϱ

ϭϯϰ͘ϯϵϬϭΎΎ
ϲϰ͘Ϭϭϴϰ

ϮϰϮ͘ϭϮϮϳ
ϭϱϳ͘ϵϯϰϯ

Ͳϯϲϱ͘ϴϵϳϮΎ
ϭϴϳ͘ϲϲϱϯ

ͲϮϬϮ͘ϯϬϮϱ
Ϯϵϯ͘ϰϳϯϱ

ϴϰ͘ϲϴϬϬΎΎ
ϯϯ͘ϲϯϬϮ

D&ǆƉŽƐƵƌĞ;ŚŝŶĂͿĐƚ

Ϭ͘ϬϴϮϯ
Ϭ͘Ϯϱϴϲ

ϭ͘ϭϴϳϵΎ
Ϭ͘ϲϴϵϱ

ͲϬ͘ϭϮϲϮ
Ϭ͘ϲϲϴϴ

Ͳϯ͘ϭϯϵϯΎΎΎ
ϭ͘ϭϬϮϴ

Ϭ͘ϭϭϮϵ
Ϭ͘ϭϯϳϱ

D&ǆƉŽƐƵƌĞ;ZKtͿĐƚ

ͲϬ͘ϮϵϰϮ
Ϭ͘ϱϴϰ

Ͳϯ͘ϬϲϬϰΎΎ
ϭ͘ϱϮϳϱ

Ϭ͘ϭϮϭϵ
ϭ͘ϰϲϰϲ

ϳ͘ϱϭϯϲΎΎΎ
Ϯ͘ϰϰϵϰ

ͲϬ͘ϯϯϬϮ
Ϭ͘ϯϬϳ

WŽƐƚǆEdZ'ĂƉĐ
WŽƐƚǆDĞĚŝĂŶ,,/ŝŶϭϵϵϬĐ

EdZĐƚ

KďƐĞƌǀĂƚŝŽŶƐ

ϯϭ͕ϭϬϲ

ϯϭ͕ϭϬϲ

ϯϭ͕ϭϬϲ

ϯϭ͕ϭϬϲ

ϭϲ͕ϴϵϭ

ϭϭ͕ϭϬϱ

ϭϵ͕ϰϬϬ

ZͲƐƋƵĂƌĞĚ

Ϭ͘ϲϯϮϭ

Ϭ͘ϲϯϴ

Ϭ͘ϲϯϴϭ

Ϭ͘ϱϳϲϵ

Ϭ͘ϯϳϳϴ

Ϭ͘ϰϲϰ

Ϭ͘ϴϯϲϳ

ƐƚŝŵĂƚŝŽŶ
WĞƌŝŽĚ
ƌŽƉƐ
&
ůƵƐƚĞƌŝŶŐ

K>^

K>^

K>^

K>^

K>^

K>^

K>^

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ϭϵϵϮ;ϮͿϮϬϭϬ

ŶŽŶĞ

ŶŽŶĞ

ŶŽŶĞ

ŶŽŶĞ

>ĂŐtŝŶ

>ĂŐZtŝŶ

ŶŽŶĞ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ

Đ

Đ

Đ

Đ

Đ

Đ

DĞĂŶĞƉĞŶĚĞŶƚsĂƌŝĂďůĞŝŶϮϬϬϬ
ϰϬ
ϰϬ
ϰϬ
ϯϱ
ϳ
ϭϯ
ϲϱ
EŽƚĞƐ͗dĂďůĞƌĞƉŽƌƚƐĚŝĨĨĞƌĞŶĐĞͲŝŶͲĚŝĨĨĞƌĞŶĐĞƐ;/ͿK>^ƌĞŐƌĞƐƐŝŽŶƌĞƐƵůƚƐĨŽƌĞŵŽĐƌĂƚǀŽƚĞƐŚĂƌĞŝŶĐŽƵŶƚǇĐŝŶǇĞĂƌƚĂƐǁĞůůĂƐĚƵŵŵǇ
ǀĂƌŝĂďůĞƐĨŽƌǁŚĞƚŚĞƌƚŚĞĞŵŽĐƌĂƚǁŝŶƐ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚƚŽĂĞŵŽĐƌĂƚ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚƚŽĂZĞƉƵďůŝĐĂŶ͕ĂŶĚƚƵƌŶŽƵƚ͘
^ĂŵƉůĞƉĞƌŝŽĚŝƐĞǀĞŶǇĞĂƌƐĨƌŽŵϭϵϵϮƚŽϮϬϭϬ͘dƵƌŶŽƵƚĚĂƚĂĂƌĞŵŝƐƐŝŶŐĨŽƌϭϵϵϮ͕ϭϵϵϰ͕ϭϵϵϴĂŶĚϮϬϬϴ͘dŚĞĨŝƌƐƚĐŽǀĂƌŝĂƚĞŝƐƚŚĞ/ƚĞƌŵŽĨ
ŝŶƚĞƌĞƐƚ͕ĂŶŝŶƚĞƌĂĐƚŝŽŶŽĨĂƉŽƐƚͲWEdZĚƵŵŵǇǁŝƚŚĐŽƵŶƚŝĞƐΖǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞEdZŐĂƉ͘dŚĞŶĞǆƚƐŝǆĐŽǀĂƌŝĂƚĞƐŝŶƚĞƌĂĐƚĂƉŽƐƚͲWEdZĚƵŵŵǇ
ǀĂƌŝĂďůĞǁŝƚŚĐŽƵŶƚǇĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐ͘dŚĞƌĞŵĂŝŶŝŶŐĐŽǀĂƌŝĂƚĞƐĂĐĐŽƵŶƚĨŽƌƚŚĞǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞŝŵƉŽƌƚƚĂƌŝĨĨŝŵƉŽƐĞĚŽŶƚŚĞ
ĐŽƵŶƚǇΖƐŝŶĚƵƐƚƌŝĂůƐƚƌƵĐƚƵƌĞĂƐǁĞůůĂƐƚŚĞĞůŝŵŝŶĂƚŝŽŶŽĨƋƵĂŶƚŝƚĂƚŝǀĞƌĞƐƚƌŝĐƚŝŽŶƐŽŶĂƉƉĂƌĞůĂŶĚĐůŽƚŚŝŶŐŝŵƉŽƌƚƐĨƌŽŵŚŝŶĂĂŶĚƌĞƐƚŽĨ
ǁŽƌůĚ;ZKtͿ͘^ƚĂŶĚĂƌĚĞƌƌŽƌƐĂĚũƵƐƚĞĚĨŽƌĐůƵƐƚĞƌŝŶŐĂƚƚŚĞĐŽƵŶƚǇůĞǀĞůĂƌĞƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂů
ƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚůĞǀĞů͘

Table 2: PNTR and County-Level Voting for Democrats (Baseline Results)
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sZ/>^

ĞŵŽǀŽƚĞ

ĞŵtŝŶ

^ϮĞŵ

^ϮZĞƉ

dƵƌŶŽƵƚ

WŽƐƚǆEdZ'ĂƉĐ

Ϭ͘ϭϮϵϳΎΎ
Ϭ͘Ϭϱϱϲ
Ϭ͘ϭϮϲϵΎ
Ϭ͘Ϭϲϱϲ
Ϭ͘Ϭϭϵϴ
Ϭ͘Ϭϰϭϳ
Ϭ͘ϳϮϭϰΎΎΎ
Ϭ͘Ϭϵϵϰ
Ϭ͘ϬϮϵϰ
Ϭ͘ϭϮϴϳ
ͲϬ͘Ϭϭϴϲ
Ϭ͘ϬϮϭϰ
ͲϬ͘ϭϵϴϭΎΎΎ
Ϭ͘Ϭϳϰϴ
Ϭ͘ϭϬϳϮ
Ϭ͘Ϭϵϲϯ
ϭϯϬ͘ϱϭϳϭΎΎ
ϲϰ͘ϬϬϵϰ
Ϭ͘ϬϳϬϰ
Ϭ͘Ϯϱϵ
ͲϬ͘Ϯϲϱϳ
Ϭ͘ϱϴϱϲ

Ϭ͘ϭϲϴϴ
Ϭ͘ϭϮϯϰ
Ϭ͘ϭϰϳϲ
Ϭ͘ϭϰϴϱ
ͲϬ͘ϮϬϳϱΎ
Ϭ͘ϭϬϲϮ
ϭ͘ϵϵϬϴΎΎΎ
Ϭ͘Ϯϱϲϭ
ͲϬ͘Ϭϲϳϯ
Ϭ͘ϯϮϲϯ
ͲϬ͘Ϭϰϵϵ
Ϭ͘Ϭϰϯϭ
ͲϬ͘ϰϴϬϲΎΎΎ
Ϭ͘ϭϲϱ
ͲϬ͘Ϭϱϰϵ
Ϭ͘ϮϮϮϳ
Ϯϯϳ͘ϲϭϴϲ
ϭϱϳ͘ϳϳϴϵ
ϭ͘ϭϳϰϭΎ
Ϭ͘ϲϵϬϱ
Ͳϯ͘ϬϮϳϯΎΎ
ϭ͘ϱϯϬϮ

Ϭ͘ϭϵϴϬΎ
Ϭ͘ϭϭϭϱ
Ϭ͘Ϭϲϳϭ
Ϭ͘ϭϮϭϭ
ͲϬ͘ϭϭϬϮ
Ϭ͘Ϭϴϯϭ
Ϭ͘ϰϮϬϯΎ
Ϭ͘ϮϮϮϲ
Ϭ͘ϱϴϴϱΎ
Ϭ͘ϯϯϵϱ
Ϭ͘ϭϮϯϬΎΎ
Ϭ͘ϬϱϰϮ
Ϭ͘ϬϱϮϰ
Ϭ͘ϭϮϯ
ͲϬ͘Ϭϰ
Ϭ͘ϭϴϯϵ
Ͳϯϲϵ͘ϴϱϮϳΎΎ
ϭϴϳ͘ϱϳϯϳ
ͲϬ͘ϭϯϭϳ
Ϭ͘ϲϲϵϮ
Ϭ͘ϭϯϱ
ϭ͘ϰϲϱϳ

ͲϬ͘ϬϮϴϴ
Ϭ͘ϭϳϭϯ
ͲϬ͘ϳϬϵϴΎΎΎ
Ϭ͘Ϯϭϴϰ
Ϭ͘ϳϯϬϵΎΎΎ
Ϭ͘ϭϰϰϱ
ͲϮ͘ϰϭϵϬΎΎΎ
Ϭ͘ϯϴϯϴ
Ϭ͘ϱϬϮϭ
Ϭ͘ϯϵϴϳ
ͲϬ͘ϬϮϭϵ
Ϭ͘Ϭϰϳ
Ϭ͘ϴϰϳϴΎΎΎ
Ϭ͘ϮϱϮϲ
ͲϬ͘Ϯϭϱϵ
Ϭ͘ϯϮϬϭ
Ͳϭϵϳ͘ϴϱϵϲ
Ϯϵϭ͘ϲϯϰϭ
Ͳϯ͘ϭϱϴϮΎΎΎ
ϭ͘Ϭϵϳϲ
ϳ͘ϱϭϳϵΎΎΎ
Ϯ͘ϰϰϯϭ

Ϭ͘ϭϯϯϯΎΎΎ
Ϭ͘ϬϮϯϭ
Ϭ͘ϬϮϳϱ
Ϭ͘ϬϮϳϭ
ͲϬ͘ϯϱϬϱΎΎΎ
Ϭ͘Ϭϭϴϱ
Ϭ͘ϲϰϭϳΎΎΎ
Ϭ͘Ϭϰϱϲ
ͲϬ͘ϯϵϲϴΎΎΎ
Ϭ͘Ϭϲϭ
ͲϬ͘ϬϲϱϯΎΎΎ
Ϭ͘ϬϬϳϴ
ͲϬ͘ϭϭϴϵΎΎΎ
Ϭ͘ϬϮϵϲ
Ϭ͘ϰϯϴϲΎΎΎ
Ϭ͘Ϭϰϯϲ
ϴϯ͘ϴϴϭϳΎΎ
ϯϯ͘ϲϯϵϯ
Ϭ͘ϭϬϴϲ
Ϭ͘ϭϯϳϲ
ͲϬ͘ϯϮϬϲ
Ϭ͘ϯϬϳϭ

WŽƐƚǆEdZ'ĂƉĐǌ
WŽƐƚǆDĞĚŝĂŶ,,/ŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚĂĐŚĞůŽƌƐŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚ'ƌĂĚƵĂƚĞŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚEŽŶͲtŚŝƚĞŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚKǀĞƌϲϱŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚsĞƚĞƌĂŶŝŶϭϵϵϬĐ
EdZĐƚ
D&ǆƉŽƐƵƌĞ;ŚŝŶĂͿĐƚ
D&ǆƉŽƐƵƌĞ;ZKtͿĐƚ

KďƐĞƌǀĂƚŝŽŶƐ
ϯϭ͕ϭϬϲ
ϯϭ͕ϭϬϲ
ϭϲ͕ϴϵϭ
ϭϭ͕ϭϬϱ
ϭϵ͕ϰϬϬ
ZͲƐƋƵĂƌĞĚ
Ϭ͘ϲϰ
Ϭ͘ϱϴ
Ϭ͘ϯϴ
Ϭ͘ϰϲ
Ϭ͘ϴϰ
ƐƚŝŵĂƚŝŽŶ
K>^
K>^
K>^
K>^
K>^
WĞƌŝŽĚ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ƌŽƉƐ
ŶŽŶĞ
ŶŽŶĞ
>ĂŐtŝŶ
>ĂŐZtŝŶ
>ĂŐZtŝŶ
&ͲdĞƐƚƉͲǀĂůƵĞ
Ϭ͘ϬϬ
Ϭ͘Ϭϱ
Ϭ͘Ϭϯ
Ϭ͘ϬϬ
Ϭ͘ϬϬ
&
Đ͕ƚ
Đ͕ƚ
Đ͕ƚ
Đ͕ƚ
Đ͕ƚ
ůƵƐƚĞƌŝŶŐ
Đ
Đ
Đ
Đ
Đ
DĞĂŶĞƉĞŶĚĞŶƚsĂƌŝĂďůĞŝŶϮϬϬϬ
ϰϬ
ϯϱ
ϳ
ϭϯ
ϭϯ
EŽƚĞƐ͗dĂďůĞƌĞƉŽƌƚƐĚŝĨĨĞƌĞŶĐĞͲŝŶͲĚŝĨĨĞƌĞŶĐĞƐ;/ͿK>^ƌĞŐƌĞƐƐŝŽŶƌĞƐƵůƚƐĨŽƌĞŵŽĐƌĂƚǀŽƚĞƐŚĂƌĞŝŶĐŽƵŶƚǇĐŝŶǇĞĂƌƚĂƐǁĞůů
ĂƐĚƵŵŵǇǀĂƌŝĂďůĞƐĨŽƌǁŚĞƚŚĞƌƚŚĞĞŵŽĐƌĂƚǁŝŶƐ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚƚŽĂĞŵŽĐƌĂƚ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚƚŽĂ
ZĞƉƵďůŝĐĂŶ͕ĂŶĚƚƵƌŶŽƵƚ͘^ĂŵƉůĞƉĞƌŝŽĚŝƐĞǀĞŶǇĞĂƌƐĨƌŽŵϭϵϵϮƚŽϮϬϭϬ͘dƵƌŶŽƵƚĚĂƚĂĂƌĞŵŝƐƐŝŶŐĨŽƌϭϵϵϮ͕ϭϵϵϰ͕ϭϵϵϴĂŶĚϮϬϬϴ͘
dŚĞĨŝƌƐƚĐŽǀĂƌŝĂƚĞŝƐƚŚĞ/ƚĞƌŵŽĨŝŶƚĞƌĞƐƚ͕ĂŶŝŶƚĞƌĂĐƚŝŽŶŽĨĂƉŽƐƚͲWEdZĚƵŵŵǇǁŝƚŚĐŽƵŶƚŝĞƐΖǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞEdZŐĂƉ͘
dŚĞŶĞǆƚƐŝǆĐŽǀĂƌŝĂƚĞƐŝŶƚĞƌĂĐƚĂƉŽƐƚͲWEdZĚƵŵŵǇǀĂƌŝĂďůĞǁŝƚŚĐŽƵŶƚǇĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐ͘dŚĞƐĞĐŽŶĚĐŽǀĂƌŝĂƚĞŝƐĂŶ
ŝŶƚĞƌĂĐƚŝŽŶŽĨƉŽƐƚͲWEdZĚƵŵŵǇǁŝƚŚƚŚĞĂǀĞƌĂŐĞEdZŐĂƉĨŽƌĂůůŽƚŚĞƌĐŽƵŶƚŝĞƐŝŶƚŚĞĐŽƵŶƚǇΖƐĐŽŵŵƵƚŝŶŐǌŽŶĞ;ǌͿ͕ĂƐĚĞĨŝŶĞĚ
ďǇƚŚĞh͘^͘ĞŶƐƵƐ͘dŚĞƌĞŵĂŝŶŝŶŐĐŽǀĂƌŝĂƚĞƐĂĐĐŽƵŶƚĨŽƌƚŚĞǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞŝŵƉŽƌƚƚĂƌŝĨĨŝŵƉŽƐĞĚŽŶƚŚĞĐŽƵŶƚǇΖƐŝŶĚƵƐƚƌŝĂů
ƐƚƌƵĐƚƵƌĞĂƐǁĞůůĂƐƚŚĞĞůŝŵŝŶĂƚŝŽŶŽĨƋƵĂŶƚŝƚĂƚŝǀĞƌĞƐƚƌŝĐƚŝŽŶƐŽŶĂƉƉĂƌĞůĂŶĚĐůŽƚŚŝŶŐŝŵƉŽƌƚƐĨƌŽŵŚŝŶĂĂŶĚƌĞƐƚŽĨǁŽƌůĚ
;ZKtͿ͘^ƚĂŶĚĂƌĚĞƌƌŽƌƐĂĚũƵƐƚĞĚĨŽƌĐůƵƐƚĞƌŝŶŐĂƚƚŚĞĐŽƵŶƚǇůĞǀĞůĂƌĞƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇ
ƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚůĞǀĞů͘

Table 3: PNTR and County-Level Voting for Democrats (Own- and Commuting Zone
Exposure)

25

sZ/>^
WŽƐƚǆEdZ'ĂƉĐ
WŽƐƚǆDĞĚŝĂŶ,,/ŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚĂĐŚĞůŽƌƐŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚ'ƌĂĚƵĂƚĞŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚEŽŶͲtŚŝƚĞŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚKǀĞƌϲϱŝŶϭϵϵϬĐ
WŽƐƚǆWĞƌĐĞŶƚsĞƚĞƌĂŶŝŶϭϵϵϬĐ
EdZĐƚ
D&ǆƉŽƐƵƌĞ;ŚŝŶĂͿĐƚ
D&ǆƉŽƐƵƌĞ;ZKtͿĐƚ

ĞŵŽĐƌĂƚsŽƚĞ^ŚĂƌĞ
WƌĞƐŝĚĞŶƚ
^ĞŶĂƚŽƌ
Ϭ͘ϬϰϴϮΎΎΎ
Ϭ͘Ϭϭϯϳ
Ϭ͘ϭϯϭϴΎΎΎ
Ϭ͘ϬϭϮϳ
Ϭ͘ϳϮϯϱΎΎΎ
Ϭ͘ϬϯϬϵ
Ϭ͘Ϭϰϭϲ
Ϭ͘Ϭϰϭϯ
Ϭ͘ϬϰϲϰΎΎΎ
Ϭ͘ϬϬϱϭ
Ϭ͘ϬϰϲϮΎΎ
Ϭ͘ϬϮϬϯ
Ϭ͘ϮϲϭϰΎΎΎ
Ϭ͘ϬϮϵϱ
ϯϴ͘ϱϵϯϲΎΎ
ϭϵ͘ϬϯϬϭ
Ϭ͘ϯϰϲϵΎΎΎ
Ϭ͘ϭϬϭϱ
Ͳϭ͘ϰϲϰϯΎΎΎ
Ϭ͘ϮϮϳϯ

Ϭ͘ϬϬϱ
Ϭ͘ϬϯϮϳ
Ϭ͘ϬϳϮϭΎΎ
Ϭ͘ϬϯϬϭ
Ϭ͘ϮϲϱϮΎΎΎ
Ϭ͘Ϭϳϯϭ
Ϭ͘ϮϬϮϭΎΎ
Ϭ͘Ϭϵϴϭ
ͲϬ͘ϬϲϭϴΎΎΎ
Ϭ͘ϬϭϮ
Ϭ͘Ϭϱϭϯ
Ϭ͘Ϭϰϳϵ
Ϭ͘ϯϬϲϮΎΎΎ
Ϭ͘Ϭϲϵϳ
Ϯϯ͘ϱϬϭϱ
ϱϬ͘ϱϴϬϲ
Ϭ͘ϯϵϰϭΎ
Ϭ͘ϮϭϴϮ
Ͳϭ͘ϭϬϬϬΎΎ
Ϭ͘ϰϴϴϲ

'ŽǀĞƌŶŽƌ
Ϭ͘ϭϰϱϵΎΎΎ
Ϭ͘Ϭϰϭϭ
ͲϬ͘ϭϭϭϱΎΎΎ
Ϭ͘ϬϯϳϮ
ͲϬ͘ϭϬϳϭ
Ϭ͘Ϭϴϱ
Ϭ͘ϳϵϮϲΎΎΎ
Ϭ͘ϭϭϲϳ
ͲϬ͘ϬϲϱϳΎΎΎ
Ϭ͘Ϭϭϱϴ
ͲϬ͘ϮϯϬϲΎΎΎ
Ϭ͘Ϭϱϳϯ
Ϭ͘ϮϬϭϯΎΎ
Ϭ͘Ϭϴϭϭ
ͲϮϲ͘ϬϮϰϭ
ϲϬ͘ϯϲϯϲ
ͲϬ͘ϲϲϮϬΎΎ
Ϭ͘Ϯϳϳϱ
Ϭ͘ϳϴϯ
Ϭ͘ϲϭϲϲ

KďƐĞƌǀĂƚŝŽŶƐ
ϭϱ͕ϱϱϴ
Ϯϭ͕ϭϮϵ
ϭϯ͕ϱϵϵ
ZͲƐƋƵĂƌĞĚ
Ϭ͘ϵϬϮ
Ϭ͘ϱϵϳϰ
Ϭ͘ϱϳϮϭ
ƐƚŝŵĂƚŝŽŶ
K>^
K>^
K>^
WĞƌŝŽĚ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ϭϵϵϮ;ϮͿϮϬϭϬ
ƌŽƉƐ
ŶŽŶĞ
>ĂŐtŝŶ
>ĂŐZtŝŶ
&
Đ͕ƚ
Đ͕ƚ
Đ͕ƚ
ůƵƐƚĞƌŝŶŐ
Đ
Đ
Đ
DĞĂŶĞƉĞŶĚĞŶƚsĂƌŝĂďůĞŝŶϮϬϬϬ
ϰϬ
ϰϯ
ϰϵ
EŽƚĞƐ͗dĂďůĞƌĞƉŽƌƚƐĚŝĨĨĞƌĞŶĐĞͲŝŶͲĚŝĨĨĞƌĞŶĐĞƐ;/ͿK>^ƌĞŐƌĞƐƐŝŽŶƌĞƐƵůƚƐĨŽƌĞŵŽĐƌĂƚǀŽƚĞ
ƐŚĂƌĞŝŶĐŽƵŶƚǇĐŝŶǇĞĂƌƚĨŽƌƚŚĞŶŽƚĞĚĞůĞĐƚŝŽŶƐ͘^ĂŵƉůĞƉĞƌŝŽĚŝƐĞǀĞŶǇĞĂƌƐĨƌŽŵϭϵϵϮƚŽ
ϮϬϭϬ͘WƌĞƐŝĚĞŶƚŝĂůĂŶĚŐƵďĞƌŶĂƚŽƌŝĂůĞůĞĐƚŝŽŶƐŽĐĐƵƌĞǀĞƌǇĨŽƵƌǇĞĂƌƐ͕ďƵƚƚŚĞůĂƚƚĞƌĚŽŶŽƚ
ŽĐĐƵƌŽŶƚŚĞƐĂŵĞǇĞĂƌĨŽƌĂůůƐƚĂƚĞƐ͘^ĞŶĂƚŽƌŝĂůĞůĞĐƚŝŽŶƐŽĐĐƵƌĞǀĞƌǇƐŝǆǇĞĂƌƐ͕ǁŝƚŚ
ĂƉƉƌŽǆŝŵĂƚĞůǇŽŶĞͲƚŚŝƌĚŽĨƐĞŶĂƚŽƌƐƵƉĨŽƌĞůĞĐƚŝŽŶŝŶĂŶǇŐŝǀĞŶĞůĞĐƚŝŽŶǇĞĂƌ͘dŚĞĨŝƌƐƚ
ĐŽǀĂƌŝĂƚĞŝƐƚŚĞ/ƚĞƌŵŽĨŝŶƚĞƌĞƐƚ͕ĂŶŝŶƚĞƌĂĐƚŝŽŶŽĨĂƉŽƐƚͲWEdZĚƵŵŵǇǁŝƚŚĐŽƵŶƚŝĞƐΖ
ǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞEdZŐĂƉ͘dŚĞŶĞǆƚƐŝǆĐŽǀĂƌŝĂƚĞƐŝŶƚĞƌĂĐƚĂƉŽƐƚͲWEdZĚƵŵŵǇǀĂƌŝĂďůĞǁŝƚŚ
ĐŽƵŶƚǇĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐ͘dŚĞƌĞŵĂŝŶŝŶŐĐŽǀĂƌŝĂƚĞƐĂĐĐŽƵŶƚĨŽƌƚŚĞǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞ
ŝŵƉŽƌƚƚĂƌŝĨĨŝŵƉŽƐĞĚŽŶƚŚĞĐŽƵŶƚǇΖƐŝŶĚƵƐƚƌŝĂůƐƚƌƵĐƚƵƌĞĂƐǁĞůůĂƐƚŚĞĞůŝŵŝŶĂƚŝŽŶŽĨ
ƋƵĂŶƚŝƚĂƚŝǀĞƌĞƐƚƌŝĐƚŝŽŶƐŽŶĂƉƉĂƌĞůĂŶĚĐůŽƚŚŝŶŐŝŵƉŽƌƚƐĨƌŽŵŚŝŶĂĂŶĚƌĞƐƚŽĨǁŽƌůĚ;ZKtͿ͘
^ƚĂŶĚĂƌĚĞƌƌŽƌƐĂĚũƵƐƚĞĚĨŽƌĐůƵƐƚĞƌŝŶŐĂƚƚŚĞĐŽƵŶƚǇůĞǀĞůĂƌĞƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕
ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚůĞǀĞů͘

Table 4: Exposure to PNTR and Democrat Votes for Other Oces
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sZ/>^

ĞŵŽǀŽƚĞ

ĞŵtŝŶ

^ϮĞŵ

^ϮZĞƉ

dƵƌŶŽƵƚ

Ϭ͘ϭϲϳϳΎΎ
Ϭ͘Ϭϲϲϯ

Ϭ͘Ϭϴϴ
Ϭ͘ϮϬϵϭ

Ϭ͘ϯϰϯϬΎ
Ϭ͘ϭϴϰϰ

Ϭ͘ϮϱϯϮ
Ϭ͘Ϯϲϲ

Ϭ͘ϮϲϭϯΎΎΎ
Ϭ͘ϬϱϯϮ

Ϭ͘ϮϰϰϭΎΎΎ
Ϭ͘Ϭϰϵϵ

Ϭ͘ϯϭϰϳ
Ϭ͘Ϯϭϭϰ

ͲϬ͘ϬϲϮϳ
Ϭ͘ϭϳϯϵ

Ϭ͘ϭϱϵϴ
Ϭ͘ϭϵϳϭ

ͲϬ͘ϭϯϵϵΎΎΎ
Ϭ͘ϬϰϮϰ

WŽƐƚǆWĞƌĐĞŶƚĂĐŚĞůŽƌƐŝŶϭϵϵϬĐ

Ϭ͘ϭϵϱ
Ϭ͘ϭϯϯϳ

Ϭ͘ϲϭϭϵ
Ϭ͘ϲϮϴϳ

Ϭ͘ϰϬϮϳ
Ϭ͘ϱϱϲ

ͲϬ͘ϳϳϰϴ
Ϭ͘ϱϳϬϴ

Ϭ͘ϯϰϯϮΎΎΎ
Ϭ͘ϭϮϮϲ

WŽƐƚǆWĞƌĐĞŶƚ'ƌĂĚƵĂƚĞŝŶϭϵϵϬĐ

Ϭ͘ϯϳϳϵΎ
Ϭ͘ϭϵϳϲ

ϭ͘Ϯϭϯ
Ϭ͘ϳϰϯϯ

ϭ͘ϲϳϮϬΎΎ
Ϭ͘ϲϱϲϴ

ͲϬ͘Ϯϴϲϰ
Ϭ͘ϱϴϲϴ

ͲϬ͘ϬϳϮϭ
Ϭ͘ϭϱϰϮ

WŽƐƚǆWĞƌĐĞŶƚEŽŶͲtŚŝƚĞŝŶϭϵϵϬĐ

Ϭ͘ϬϴϰϵΎΎΎ
Ϭ͘ϬϮϯϰ

Ϭ͘Ϭϲϱϴ
Ϭ͘ϬϲϴϮ

Ϭ͘ϯϬϯϬΎΎ
Ϭ͘ϭϮϯϵ

ͲϬ͘ϮϭϲϬΎΎ
Ϭ͘Ϭϴϰϳ

ͲϬ͘ϬϬϭϭ
Ϭ͘ϬϮϰϳ

WŽƐƚǆWĞƌĐĞŶƚKǀĞƌϲϱŝŶϭϵϵϬĐ

Ϭ͘ϰϭϱϬΎΎΎ
Ϭ͘ϭϮϭϲ

ͲϬ͘ϬϵϯϮ
Ϭ͘ϯϯϭϯ

Ϭ͘ϯϮϳϮ
Ϭ͘Ϯϵϳϭ

Ϭ͘Ϭϲϴϭ
Ϭ͘ϱϬϭϰ

ͲϬ͘ϭϮϮϮ
Ϭ͘ϭϭϴϳ

WŽƐƚǆWĞƌĐĞŶƚsĞƚĞƌĂŶŝŶϭϵϵϬĐ

ͲϬ͘ϭϰϴϭ
Ϭ͘ϭϲϵ

Ϭ͘ϯϯϱϳ
Ϭ͘ϱϭϲϯ

ͲϬ͘ϱϭϱϳ
Ϭ͘ϱϵϳϱ

Ͳϭ͘ϭϳϬϭΎΎ
Ϭ͘ϱϴϮϳ

Ϭ͘ϰϴϵϮΎΎΎ
Ϭ͘ϭϲϵϮ

ϮϮϬ͘ϴϯϳϴΎΎ
ϵϲ͘ϲϱϲϮ

ϯϱϬ͘ϳϮϲϳ
Ϯϰϭ͘ϱϭϵ

ϯϵϵ͘ϳϰϯϭ
ϯϳϴ͘ϲϱϴϴ

Ͳϭϴϴ͘ϱϳϮϱ
ϱϭϰ͘ϭϮϴϰ

ϯϴ͘Ϯϭϲϲ
ϳϭ͘ϰϯϵ

D&ǆƉŽƐƵƌĞ;ŚŝŶĂͿĐƚ

Ϭ͘ϮϬϳϰ
Ϭ͘Ϯϴϱϱ

ϭ͘ϲϳϬϵΎ
Ϭ͘ϴϴϮ

ͲϬ͘ϯϳϮϭ
Ϭ͘ϳϲϯϮ

Ͳϰ͘ϮϬϴϯΎΎΎ
ϭ͘ϱϮϱϴ

ͲϬ͘ϭϳϲϱ
Ϭ͘ϮϬϵϮ

D&ǆƉŽƐƵƌĞ;ZKtͿĐƚ

ͲϬ͘ϵϭϵϴ
Ϭ͘ϲϰϵϴ

Ͳϱ͘ϯϯϳϳΎΎΎ
ϭ͘ϵϮϳϳ

ͲϬ͘ϯϳϭϱ
ϭ͘ϲϵϮϱ

ϭϬ͘ϱϭϭϱΎΎΎ
ϯ͘ϯϲϱϱ

Ϭ͘ϭϱϰϳ
Ϭ͘ϰϱϮϳ

WŽƐƚǆEdZ'ĂƉĐ
WŽƐƚǆDĞĚŝĂŶ,,/ŝŶϭϵϵϬĐ

EdZĐƚ

KďƐĞƌǀĂƚŝŽŶƐ

ϯϭ͕ϭϬϲ

ϯϭ͕ϭϬϲ

ϭϲ͕ϴϵϭ

ϭϭ͕ϭϬϱ

ϭϵ͕ϰϬϬ

ZͲƐƋƵĂƌĞĚ

Ϭ͘ϳϯϳϯ

Ϭ͘ϲϲϵϭ

Ϭ͘ϰϯϲ

Ϭ͘ϱϭϴϱ

Ϭ͘ϴϱϰϵ

K>^

K>^

K>^

K>^

K>^

ƐƚŝŵĂƚŝŽŶ
WĞƌŝŽĚ
ƌŽƉƐ

ϭϵϵϮ;ϮͿϮϬϭϬ ϭϵϵϮ;ϮͿϮϬϭϬ ϭϵϵϮ;ϮͿϮϬϭϬ ϭϵϵϮ;ϮͿϮϬϭϬ ϭϵϵϮ;ϮͿϮϬϭϬ
ŶŽŶĞ

ŶŽŶĞ

>ĂŐtŝŶ

>ĂŐZtŝŶ

ŶŽŶĞ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

Đ͕ƚ

ůƵƐƚĞƌŝŶŐ

Đ

Đ

Đ

Đ

Đ

tĞŝŐŚƚŝŶŐ

WŽƉƵůĂƚŝŽŶ

WŽƉƵůĂƚŝŽŶ

WŽƉƵůĂƚŝŽŶ

WŽƉƵůĂƚŝŽŶ

WŽƉƵůĂƚŝŽŶ

&

DĞĂŶĞƉĞŶĚĞŶƚsĂƌŝĂďůĞŝŶϮϬϬϬ
ϰϵ
ϱϭ
ϭϱ
ϴ
ϲϲ
EŽƚĞƐ͗dĂďůĞƌĞƉŽƌƚƐĚŝĨĨĞƌĞŶĐĞͲŝŶͲĚŝĨĨĞƌĞŶĐĞƐ;/ͿK>^ƌĞŐƌĞƐƐŝŽŶƌĞƐƵůƚƐĨŽƌĞŵŽĐƌĂƚǀŽƚĞƐŚĂƌĞŝŶ
ĐŽƵŶƚǇĐŝŶǇĞĂƌƚĂƐǁĞůůĂƐĚƵŵŵǇǀĂƌŝĂďůĞƐĨŽƌǁŚĞƚŚĞƌƚŚĞĞŵŽĐƌĂƚǁŝŶƐ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚ
ƚŽĂĞŵŽĐƌĂƚ͕ǁŚĞƚŚĞƌƚŚĞƌĞŝƐĂƐǁŝƚĐŚƚŽĂZĞƉƵďůŝĐĂŶ͕ĂŶĚƚƵƌŶŽƵƚ͘^ĂŵƉůĞƉĞƌŝŽĚŝƐĞǀĞŶǇĞĂƌƐĨƌŽŵ
ϭϵϵϮƚŽϮϬϭϬ͘dƵƌŶŽƵƚĚĂƚĂĂƌĞŵŝƐƐŝŶŐĨŽƌϭϵϵϮ͕ϭϵϵϰ͕ϭϵϵϴĂŶĚϮϬϬϴ͘dŚĞĨŝƌƐƚĐŽǀĂƌŝĂƚĞŝƐƚŚĞ/ƚĞƌŵŽĨ
ŝŶƚĞƌĞƐƚ͕ĂŶŝŶƚĞƌĂĐƚŝŽŶŽĨĂƉŽƐƚͲWEdZĚƵŵŵǇǁŝƚŚĐŽƵŶƚŝĞƐΖǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞEdZŐĂƉ͘dŚĞŶĞǆƚƐŝǆ
ĐŽǀĂƌŝĂƚĞƐŝŶƚĞƌĂĐƚĂƉŽƐƚͲWEdZĚƵŵŵǇǀĂƌŝĂďůĞǁŝƚŚĐŽƵŶƚǇĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐ͘dŚĞƌĞŵĂŝŶŝŶŐ
ĐŽǀĂƌŝĂƚĞƐĂĐĐŽƵŶƚĨŽƌƚŚĞǁĞŝŐŚƚĞĚĂǀĞƌĂŐĞŝŵƉŽƌƚƚĂƌŝĨĨŝŵƉŽƐĞĚŽŶƚŚĞĐŽƵŶƚǇΖƐŝŶĚƵƐƚƌŝĂůƐƚƌƵĐƚƵƌĞĂƐ
ǁĞůůĂƐƚŚĞĞůŝŵŝŶĂƚŝŽŶŽĨƋƵĂŶƚŝƚĂƚŝǀĞƌĞƐƚƌŝĐƚŝŽŶƐŽŶĂƉƉĂƌĞůĂŶĚĐůŽƚŚŝŶŐŝŵƉŽƌƚƐĨƌŽŵŚŝŶĂĂŶĚƌĞƐƚ
ŽĨǁŽƌůĚ;ZKtͿ͘ZĞŐƌĞƐƐŝŽŶƐĂƌĞǁĞŝŐŚƚĞĚďǇĐŽƵŶƚǇƉŽƉƵůĂƚŝŽŶŝŶϭϵϵϬ͘^ƚĂŶĚĂƌĚĞƌƌŽƌƐĂĚũƵƐƚĞĚĨŽƌ
ĐůƵƐƚĞƌŝŶŐĂƚƚŚĞĐŽƵŶƚǇůĞǀĞůĂƌĞƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞ
ĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚůĞǀĞů͘

Table 5: PNTR and County-Level Voting for Democrats (Weighted Regression)
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WƌŽͲdƌĂĚĞsŽƚĞ^ŚĂƌĞ
ϭ
Ϯ
ϯ
ĞŵŽĐƌĂƚ
ͲϬ͘ϭϳϯΎΎΎ
ͲϬ͘ϭϳϵΎΎΎ
ͲϬ͘ϭϰϵΎΎΎ
Ϭ͘ϬϬϳ
Ϭ͘Ϭϯϯ
Ϭ͘ϬϯϬ
KďƐĞƌǀĂƚŝŽŶƐ
ϰ͕Ϯϵϰ
ϰ͕Ϯϵϲ
ϰ͕Ϯϵϲ
ZϮ
Ϭ͘ϱϵ
͘
Ϭ͘ϭϱ
ŽǀĂƌŝĂƚĞƐ
zĞƐ
EŽ
EŽ
&ŝǆĞĚĨĨĞĐƚƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
͘
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
ĂŶĚǁŝĚƚŚ
͘
ϭϬϬй
͘
ƐƚŝŵĂƚŝŽŶdĞĐŚŶŝƋƵĞ
>ŝŶĞĂƌ
EŽŶͲWĂƌĂŵĞƚƌŝĐ
WŽůǇŶŽŵŝĂůϯ
EŽƚĞƐ͗dĂďůĞƐƵŵŵĂƌŝǌĞƐƚŚĞƌĞƐƵůƚƐŽĨZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌůĞǀĞůƌĞŐƌĞƐƐŝŽŶĚŝƐĐŽŶƚŝŶƵŝƚǇƌĞŐƌĞƐƐŝŽŶƐ
ŽĨƚŚĞƐŚĂƌĞŽĨƉƌŽͲƚƌĂĚĞǀŽƚĞƐŽŶĂŶŝŶĚŝĐĂƚŽƌĨŽƌǁŚĞƚŚĞƌƚŚĞƌĞƉƌĞƐĞŶƚĂƚŝǀĞŝƐĂĞŵŽĐƌĂƚ͘
ŽǀĂƌŝĂƚĞƐŝŶĐůƵĚĞƚŚĞĚŝƐƚƌŝĐƚͲǇĞĂƌůĞǀĞůĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐĂŶĚZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌůĞǀĞů
ĂƚƚƌŝďƵƚĞƐĚĞƐĐƌŝďĞĚŝŶ^ĞĐƚŝŽŶϱŽĨƚŚĞƚĞǆƚ͘ƐƚŝŵĂƚĞƐĨŽƌƚŚĞƐĞĐŽǀĂƌŝĂƚĞƐĂƌĞƐƵƉƉƌĞƐƐĞĚ͘
WŽůǇŶŽŵŝĂůϯƌĞĨĞƌƐƚŽŝŶĐůƵƐŝŽŶŽĨƚŚŝƌĚŽƌĚĞƌƉŽůǇŶŽŵŝĂůƐĂƐŝŶƐƚƌƵŵĞŶƚƐ͘ZŽďƵƐƚƐƚĂŶĚĂƌĚĞƌƌŽƌƐĂƌĞ
ƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚ
ůĞǀĞů͘

Table 6: Eect of Democrat Aliation on Districts' Voting for Pro-Trade Bills

WƌŽͲĐŽŶŽŵŝĐƐƐŝƐƚĂŶĐĞsŽƚĞ^ŚĂƌĞ
ϭ
Ϯ
ϯ
ĞŵŽĐƌĂƚ
Ϭ͘ϰϯϱΎΎΎ
Ϭ͘ϯϮϰΎΎΎ
Ϭ͘ϯϮϱΎΎΎ
Ϭ͘ϬϬϵ
Ϭ͘ϬϮϳ
Ϭ͘Ϭϯϱϴ
KďƐĞƌǀĂƚŝŽŶƐ
ϰ͕ϮϵϮ
ϰ͕Ϯϵϰ
ϰ͕Ϯϵϰ
ZϮ
Ϭ͘ϲϭ
͘
Ϭ͘ϯϲ
ŽǀĂƌŝĂƚĞƐ
zĞƐ
EŽ
EŽ
&ŝǆĞĚĨĨĞĐƚƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
͘
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
ĂŶĚǁŝĚƚŚ
͘
ϭϬϬй
͘
ƐƚŝŵĂƚŝŽŶdĞĐŚŶŝƋƵĞ
>ŝŶĞĂƌ
EŽŶͲWĂƌĂŵĞƚƌŝĐ
WŽůǇŶŽŵŝĂůϯ
EŽƚĞƐ͗dĂďůĞƐƵŵŵĂƌŝǌĞƐƚŚĞƌĞƐƵůƚƐŽĨZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌůĞǀĞůƌĞŐƌĞƐƐŝŽŶĚŝƐĐŽŶƚŝŶƵŝƚǇƌĞŐƌĞƐƐŝŽŶƐ
ŽĨƚŚĞƐŚĂƌĞŽĨƉƌŽͲĞĐŽŶŽŵŝĐĂƐƐŝƐƚĂŶĐĞǀŽƚĞƐŽŶĂŶŝŶĚŝĐĂƚŽƌĨŽƌǁŚĞƚŚĞƌƚŚĞƌĞƉƌĞƐĞŶƚĂƚŝǀĞŝƐĂ
ĞŵŽĐƌĂƚ͘ŽǀĂƌŝĂƚĞƐŝŶĐůƵĚĞƚŚĞĚŝƐƚƌŝĐƚͲǇĞĂƌůĞǀĞůĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐĂŶĚZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌ
ůĞǀĞůĂƚƚƌŝďƵƚĞƐĚĞƐĐƌŝďĞĚŝŶ^ĞĐƚŝŽŶϱŽĨƚŚĞƚĞǆƚ͘ƐƚŝŵĂƚĞƐĨŽƌƚŚĞƐĞĐŽǀĂƌŝĂƚĞƐĂƌĞƐƵƉƉƌĞƐƐĞĚ͘
WŽůǇŶŽŵŝĂůϯƌĞĨĞƌƐƚŽŝŶĐůƵƐŝŽŶŽĨƚŚŝƌĚŽƌĚĞƌƉŽůǇŶŽŵŝĂůƐĂƐŝŶƐƚƌƵŵĞŶƚƐ͘ZŽďƵƐƚƐƚĂŶĚĂƌĚĞƌƌŽƌƐĂƌĞ
ƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚ
ůĞǀĞů͘

Table 7: Eect of Democrat Aliation on Districts' Voting for Pro-Economic Assistance Bills

WƌŽͲdƌĂĚĞsŽƚĞ^ŚĂƌĞ
WƌŽͲĐŽŶŽŵŝĐƐƐŝƐƚĂŶĐĞsŽƚĞ^ŚĂƌĞ
ϭϵϵϮͲϮϬϬϬ
ϮϬϬϮͲϮϬϭϬ
ϭϵϵϮͲϮϬϬϬ
ϮϬϬϮͲϮϬϭϬ
ĞŵŽĐƌĂƚ
ͲϬ͘Ϭϱϭ
ͲϬ͘ϯϬϰΎΎΎ
Ϭ͘ϮϳϳΎΎΎ
Ϭ͘ϯϵϱΎΎΎ
Ϭ͘Ϭϯϯ
Ϭ͘ϬϱϬ
Ϭ͘Ϭϰϱ
Ϭ͘Ϭϱϱ
KďƐĞƌǀĂƚŝŽŶƐ
Ϯ͕ϭϯϴ
Ϯ͕ϭϱϴ
Ϯ͕ϭϯϳ
Ϯ͕ϭϱϳ
ZϮ
Ϭ͘Ϭϱ
Ϭ͘Ϯϲ
Ϭ͘ϭϵ
Ϭ͘ϱϳ
ŽǀĂƌŝĂƚĞƐ
EŽ
EŽ
EŽ
EŽ
&ŝǆĞĚĨĨĞĐƚƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
^ƚĂƚĞ͕ŽŶŐƌĞƐƐ
ĂŶĚǁŝĚƚŚ
͘
͘
͘
͘
ƐƚŝŵĂƚŝŽŶdĞĐŚŶŝƋƵĞ
WŽůǇŶŽŵŝĂůϯ
WŽůǇŶŽŵŝĂůϯ
WŽůǇŶŽŵŝĂůϯ
WŽůǇŶŽŵŝĂůϯ
EŽƚĞƐ͗dĂďůĞƐƵŵŵĂƌŝǌĞƐƚŚĞƌĞƐƵůƚƐŽĨZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌͲůĞǀĞůŶŽŶͲƉĂƌĂŵĞƚƌŝĐƌĞŐƌĞƐƐŝŽŶĚŝƐĐŽŶƚŝŶƵŝƚǇ
ĞƐƚŝŵĂƚŝŽŶƐŽĨƚŚĞƐŚĂƌĞŽĨƉƌŽͲƚƌĂĚĞŽƌƉƌŽͲĞĐŽŶŽŵŝĐĂƐƐŝƐƚĂŶĐĞǀŽƚĞƐŽŶĂŶŝŶĚŝĐĂƚŽƌĨŽƌǁŚĞƚŚĞƌƚŚĞ
ƌĞƉƌĞƐĞŶƚĂƚŝǀĞŝƐĂĞŵŽĐƌĂƚ͘ŽǀĂƌŝĂƚĞƐŝŶĐůƵĚĞƚŚĞĚŝƐƚƌŝĐƚͲǇĞĂƌͲůĞǀĞůĚĞŵŽŐƌĂƉŚŝĐĂƚƚƌŝďƵƚĞƐĂŶĚ
ZĞƉƌĞƐĞŶƚĂƚŝǀĞͲǇĞĂƌͲůĞǀĞůĂƚƚƌŝďƵƚĞƐĚĞƐĐƌŝďĞĚŝŶ^ĞĐƚŝŽŶϱŽĨƚŚĞƚĞǆƚ;ŶŽƚĚŝƐƉůĂǇĞĚͿ͘WŽůǇŶŽŵŝĂůϯƌĞĨĞƌƐƚŽ
ŝŶĐůƵƐŝŽŶŽĨƚŚŝƌĚŽƌĚĞƌƉŽůǇŶŽŵŝĂůƐĂƐŝŶƐƚƌƵŵĞŶƚƐ͘ZŽďƵƐƚƐƚĂŶĚĂƌĚĞƌƌŽƌƐĂƌĞƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎ
ĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚůĞǀĞů͘

Table 8: Pro-Free Trade and Pro-Economic Assistance Voting Before and After PNTR
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Figure 1: U.S. Imports from China and Rest of World (ROW)
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Figure 2: Post-War U.S. Manufacturing Employment
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Democrat Vote Share
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Notes: Figure summarizes the mean and inter-quartile range of the share of votes won
by Democrats across U.S. counties in elections to the U.S. House of Representatives,
by year. The mean, standard deviation, median and interquartile range for 2000, the
election closest to the passage of PNTR, are 40, 23, 38 and 25 to 57 percent .

Figure 3: Distribution of Democrat Vote Share
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Figure 4: Distribution of NTR Gap Across Industries
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Figure 5: Distribution of NTR Gap Across Industries and Counties
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Figure 6: Correlation of Own-County and Commuting Zone Exposure
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surrounding counties are both above or below the median of these gaps across all counties. Right panel is the same with respect to
the average probability of Democrat victory.

Figure 7: Simple DID View of the Shift Towards Democrats (Own-County Exposure)
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Figure 8: Regression Discontinuity Intuition

32

.3

Trade-Related Bills
.4
.5
.6

.7

Democrat Votes on Trade Bills

-100

-50

0
Democrat Margin of Victory

50

100

EŽƚĞƐ͗hŶŝƚŽĨĂŶĂůǇƐŝƐŝƐĂĚŝƐƚƌŝĐƚͲǇĞĂƌƉĂŝƌĂĐƌŽƐƐƚŚĞǇĞĂƌƐϭϵϵϮƚŽϮϬϭϬ͘&ŝŐƵƌĞĚŝƐƉůĂǇƐƚŚĞ
ĚŝƐĐŽŶƚŝŶƵŝƚǇŽĨƚŚĞƐŚĂƌĞŽĨƉƌŽͲƚƌĂĚĞǀŽƚĞƐ;ǀĞƌƚŝĐĂůĂǆŝƐͿǀĞƌƐƵƐƚŚĞĞŵŽĐƌĂƚǀŽƚĞƐŚĂƌĞ
ŵĂƌŐŝŶŽĨǀŝĐƚŽƌǇ;ŚŽƌŝǌŽŶƚĂůĂǆŝƐͿ͘ƚƌŝĂŶŐƵůĂƌŬĞƌŶĞůŝƐƵƐĞĚĨŽƌůŽĐĂůůŝŶĞĂƌƌĞŐƌĞƐƐŝŽŶƐ͘
^ŚĂĚŝŶŐƌĞƉƌĞƐĞŶƚƐƚŚĞϵϱƉĞƌĐĞŶƚĐŽŶĨŝĚĞŶĐĞŝŶƚĞƌǀĂů͘

Figure 9: Democrats' Votes On Trade Bills
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Figure 10: Democrats' Votes On Economic Assistance Bills
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Appendix
This appendix contains additional empirical results referenced in the main text.

A Legislator Voting Behavior
Figure A.1 displays the McCrary (2008) test of whether there is a discontinuity in
the density of Democrats' winning margin over Republicans.

The estimate of the

discontinuity is 0.003 with a standard error of 0.125, indicating that there is not a
statistically signicant discontinuity.

Figures A.2 to A.10 examine the distributions

of each of the district-level attributes included in the legislative voting regressions in
Section 5, plotted against the Democrat margin of victory. As discussed there, none
of these distributions exhibit discontinuities at the cuto point at which the Democrat
margin of victory is 0.

B Approaches for Estimating Regression Discontinuity Coecient
The nonparametric approach is a local linear estimation that uses observations within
a window of width

w

on both sides of the cuto point and assumes that

g(.)

and

f (.)

are linear, with potentially dierent slopes on the two sides of the cuto point. We
implement this approach using the procedure developed by Imbens and Kalyanaraman
∗
(2014) to calculate the optimal bandwidth w , and estimate analytical standard errors
using the procedure developed in Porter (2003).

In robustness checks, we examine

whether our estimates are sensitive to dierent bandwidths, e.g., halving and doubling
w∗ , as in Lee and Lemieux (2010). As indicated in Table A.1, we obtain similar results
in both cases for both sets of bills.
Parametric estimation, by contrast, uses all of the observations over the domain of
the assignment variable and assumes high-order polynomial functions of

g(.)

and

f (.).

In the main text, we implement this approach using third-order polynomial functions
with potentially dierent coecients on the two sides of the cuto point. Following
Lee and Card (2008), we calculate standard errors clustered at the assignment variable
level. Here, we report results using second- and fourth-order polynomials to examine
the sensitivity of our estimates to using third order polynomials. As indicated in Table
A.2, we obtain similar results in both cases.
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Appendix Tables and Figures
WƌŽͲdƌĂĚĞsŽƚĞ^ŚĂƌĞ
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WŽůǇŶŽŵŝĂůϯ
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ƌĞƉŽƌƚĞĚďĞůŽǁĐŽĞĨĨŝĐŝĞŶƚƐ͘Ύ͕ΎΎĂŶĚΎΎΎƐŝŐŶŝĨǇƐƚĂƚŝƐƚŝĐĂůƐŝŐŶŝĨŝĐĂŶĐĞĂƚƚŚĞϭϬ͕ϱĂŶĚϭƉĞƌĐĞŶƚ
ůĞǀĞů͘

Table A.1: RD Results: Alternate Bandwidths
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Table A.2: RD Results: Alternate Polynomial Functions
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Figure A.1: RD Identifying Assumption Density Test
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Figure A.2: RD Identifying Assumption: Population
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Figure A.3: RD Identifying Assumption: Household Income
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ϵϱƉĞƌĐĞŶƚĐŽŶĨŝĚĞŶĐĞŝŶƚĞƌǀĂů͘

Figure A.4: RD Identifying Assumption: Per Capita Income
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Figure A.5: RD Identifying Assumption: Black or African American Population Share
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Figure A.6: RD Identifying Assumption: College or Above Share
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Figure A.7: RD Identifying Assumption: Veteran Share
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Figure A.8: RD Identifying Assumption: Unemployment Rate
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Figure A.9: RD Identifying Assumption: 18 to 25 Share
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Figure A.10: RD Identifying Assumption: Over 65 Share
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